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1
REAL-TIME SELF TUNING OF PLANNED
ACTIONS IN A DISTRIBUTED
ENVIRONMENT

BACKGROUND

1. Technical Field

The invention is related to embedded real-time computing
systems, and in particular, to automatic self tuning of real-
time scheduling and control of interoperation among a plu-
rality distributed real-time components.

2. Related Art

As semiconductor technology becomes more mature and
inexpensive, it becomes feasible to add computing and/or
communication capabilities to many devices that used to be
mechanical or analog, and to come up with new devices
entirely. Computing that enhances existing everyday devices
and makes them smarter without requiring extra human inter-
action is conventionally referred to as “invisible computing.”
In this domain the computer is not the main focus but rather
the device itself or the specialized function it performs.

For example, devices used in “invisible computing” envi-
ronments include embedded control systems, including con-
sumer devices, intelligent sensors and smart home controls;
communication-oriented devices such as digital cell phones
and networking infrastructure; programmable peripherals
and microcontrollers, home appliances, toys, games, etc. In
all these cases, the devices typically include inexpensive
microprocessors, such as a DSP, a VLIW, or a micro-control-
ler rather than a general-purpose computing capability or
platform (such as a PC-type computer). One problem with
such devices, relative to a general-purpose computing plat-
form is that the available system memory is typically severely
restricted; there might be no MMU;; and network connections
might be sporadic. However, given these limitations, there is
still an essential requirement for real-time interoperability,
operation, and control.

Invisible computing differs from personal computing
mainly because the user interface is not screen and keyboard
based, and resources (such as energy, memory, bandwidth,
etc.) are often severely restricted. While a PC or workstation
can use a general-purpose operating system (a collection of
commonly needed features) an invisible computer can sel-
dom afford such luxury because of its severely constrained
resources. Consequently, software controlling such devices is
generally specifically tailored to the specific applications that
are to be performed by such devices.

Invisible computing is also slightly different from tradi-
tional embedded computing in that the devices are most often
communicating with each other and/or with general-purpose
computers (via either wired or wireless connections) acting as
a central controller/scheduler, and have a limited power sup-
ply.

Limited resource, semi-intelligent devices found in invis-
ible computing environments can perform rudimentary tasks
autonomously. It is the ability to communicate with other
invisible devices that gives them added capabilities, such that
the value of the whole system is greater than the sum of its
parts.

When the small devices have the ability to communicate
with PCs or other “big machines” in addition to other peers, it
is possible to leverage the advantages of invisible computing
in desktop computing and vice versa. PCs can provide back-
end processing for small devices, and small devices can
extend the reach of a traditional PC further into our everyday
lives. For example, a small device can access a database on a
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web server; a PC can provide a user interface for examining
and analyzing sensor data in a home; etc.

One area where conventional invisible computing environ-
ments are lacking deals with the ability to handle concurrent
tasks given limited resources. For example, one common
solution for handling concurrent tasks spread among two or
more devices is to provide a proportional time schedule that
simply reserves x % of the CPU cycles [or bandwidth] in
y-second intervals for particular devices. Conventional “con-
straint-based scheduling” (CBS) techniques and related “ear-
liest deadline first” (EDF) techniques have also been used for
handling concurrent computational tasks given limited
resources.

For example, one conventional invisible computing sys-
tem, termed “MMLite” provides a constraint-based real-time
scheduler with feedback to dispatch threads. The programmer
dynamically provides the scheduler with information about
the time constraints under which a certain section of code is to
be executed. The scheduler will make sure that the thread is
scheduled before the given deadline with enough projected
time to complete the indicated computing. To prevent priority
inversion, the currently running thread’s constraints are
inherited by other threads that might block it. However, as
with the previous example, the constraint scheduler schedules
threads in a time-sharing fashion. Time-sharing is internally
implemented using artificial constraints. Threads that specify
time constraints are given priority over all time-sharing
threads. Unfortunately, while such solutions are generally
sufficient for simple application behaviors, they cannot effec-
tively deal with: 1) a mix of repetitive and one-time jobs; and
2) cases where the work needs to be done within a constrained
sub-interval, including both temporal and spatial issues.

Similar ideas exist with respect to industrial quality con-
trols. For instance, in an example of automated automobile
manufacturing, an assembly line stops for 10 seconds every
minute. Robotic welding of a door handle takes 4 seconds.
Seemingly, this is plenty of time to complete the welding task.
However, if the robot welds a door handle outside the correct
time window, it might destroy the car. Consequently, the
proportional time schedule noted above would not work by
itself. Therefore, in this case, various sensors typically ensure
that the car is in the correct position for the door handle to be
welded so as to avoid costly errors. Unfortunately, because
checks need to be made as to correct handle position prior to
every welding operation, advance planning and resource
sharing becomes a more difficult proposition. Consequently,
conventional industrial quality control methods are not
readily adaptable for use in real-time control and scheduling
of distributed devices connected in an ad-hoc network envi-
ronment.

SUMMARY

This Summary is provided to introduce a selection of con-
cepts in a simplified form that are further described below in
the Detailed Description. This Summary is not intended to
identify key features or essential features of the claimed sub-
jectmatter, nor is it intended to be used as an aid in determin-
ing the scope of the claimed subject matter.

Embedded real-time computing systems for entertainment
and other consumer, or industrial, uses are increasingly built
out of distributed components that are manufactured by mul-
tiple vendors. This means that in an “invisible computing”
environment, interoperation between such components is an
important factor. Unfortunately, meeting real-time predict-
ability standards becomes ever harder as the devices get more
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diverse and increase in number, and as the number of tempo-
ral uncertainties in the interaction between devices increases.

To address these and other issues, a “real-time self-tuner”
(RTST), as described herein, provides automatic program-
ming, scheduling, and real-time control of desired activities/
tasks performed by “worker nodes” in an ad-hoc distributed
environment as a function of available resources and task
criticality. Consequently, the RTST acts, in part, as a central-
ized “planner” that is either instantiated in one of the nodes or
operates as a part of a general-purpose or a dedicated com-
puting device, depending upon the computing capabilities of
the various modes. A set of communications protocols allow
applications to communicate with the nodes, and allow one or
more nodes to communicate with each other, if needed. Self-
tuning of the interoperation and scheduling of tasks to be
performed at each node uses an on-line sampling driven sta-
tistical model and predefined node “behavior patterns” to
predict and manage resource requirements needed by each
node for completing assigned tasks, so as to maximize
resource usage across the range of devices competing for
those resources.

The programming, scheduling, and real-time control pro-
vided by the RTST is generally provided as a function of
statistical observations of real-world behavior of the worker
nodes relative to predefined “behavior patterns” of those
nodes, and with respect to a finite amount of available shared
resources (CPU cycles, memory, I/O bandwidth, capabilities
of the various nodes, etc.). Since there is generally a finite
pool of shared resources, the RTST acts to dynamically plan
and schedule actions or activities by the worker nodes in such
a way as to ensure that resource usage by the various worker
nodes does not exceed the available resources. In otherwords,
the RTST observes what is happening, relative to particular
worker nodes, and then automatically plans actions or tasks to
be performed by the worker nodes depending upon a critical-
ity of the particular tasks given the available resources.

The “worker nodes™ described herein generally include
any device or application capable of real world interaction,
and include both “producers” and “consumers” of data. These
worker nodes include devices, such as, for example, home
appliances, security systems, lighting, sensor networks,
medical electronic devices, wearable computers, robotics,
industrial controls, wired or wireless communication sys-
tems, audio nets, distributed computers, toys, games, etc.

Further, each worker node includes at least a minimum
computational capability to respond to basic commands, and
to perform assigned tasks, when ordered. Such computational
capability can be provided by inexpensive conventional
microcontrollers (costing on the order of only a few dollars
each), including, for example, DSP’s, VLIWSs, or other micro-
controllers, depending upon the particular device. However,
the devices comprising the worker nodes may include greater
computational capability, such as in the case where a particu-
lar node is a PC-type computer, or some more powerful
computing platform, and in fact, the nodes can form a distrib-
uted computing environment made of computers of various
computing capabilities.

In general, producer nodes produce data, and consumer
nodes consume data. For example, a producer node might
include a sensor, such as a thermocouple, an accelerometer,
etc., a device which generates data, such as a CD player, a
camera, etc., or some type of control device, such as a stereo
remote control, a light switch, a power on/off button, etc. In
contrast, a consumer node might include a data recorder, a
receiver and/or stereo speakers, a light fixture, a video display
device, etc. In other words, as noted above, the producer node
generates data while the consumer node makes use of that
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4

data or in some way acts on that data. Consequently, pro-
ducer/consumer pairs may include matched pairs of nodes,
such as, for example, a light switch/light fixture pair, a music
player paired with a receiver/speaker, a data sensor/data
recorder pair, etc., to name only a few such pairs.

In addition to worker nodes, the overall system enabled by
the RTST also includes one or more “instigators” and one or
more “planners.” An instigator, as defined herein, is any appli-
cation or device that drives a task that is to be performed by a
worker node. For example, an instigator might be a TV
remote control device that is pressed to start a movie on a
television (a worker node in this example), or a computer
program that orders a particular device or application to per-
form a particular task. Instigators do not directly control the
worker nodes, but instead act through one or more “planners,”
with the planner itself being responsible for scheduling the
actions of the worker nodes in response to a request from an
instigator, and relative to available resources.

It should be noted that the planner itself can act as an
instigator, as described in further detail herein. Further, it
should also be noted that (via the corresponding planner) one
task can trigger another different task, or one instance of a
particular task can trigger the next instance of that task. For
example, lights (consumer node) can be automatically
dimmed (task) by a light switch (producer node) while a
particular song is played (task) by a receiver/speaker (con-
sumer node) sent from a music player (producer node) all
under the control of one or more planners.

In scheduling the tasks to be performed by the worker
nodes, the planner evaluates a “behavior pattern™ that is
defined for each of the worker nodes. In general, these behav-
ior patterns include information that identifies parameters,
such as, for example, what sequence of actions is needed,
what messages are expected, what types of resources are
required for a particular worker node to execute a task, and
how much temporal tolerance exists in performing a particu-
lar task (for use in determining earliest and latest start times
relative to a task deadline).

In various embodiments, these behavior patterns are either
hand authored, automatically determined by experimenta-
tion, or are defined using a software wizard, or the like, which
evaluates individual worker nodes to estimate their behavior,
either with or without user input. In general, behavior patterns
can be maintained either within some addressable memory
within each corresponding node, in an external lookup table,
file, or database accessible to the instigators and/or planners,
or can be maintained within some memory accessible to the
corresponding planner.

With respect to experimental determination of behavior
patterns, the general idea is to perform a “dry run” of particu-
lar tasks across the ad-hoc network to determine what
resources are actually consumed by the worker nodes in per-
forming those tasks. These dry-runs are preferably performed
without actually affecting anything in the real world (audibly
playing music, visibly cycling lights, recording data to a
memory device, etc.). A simple example of a “dry run” would
beto send audio packets across a network from a music player
to one or more sets of receivers/speakers (without actually
audibly playing the music) to determine behaviors such as,
for example, how many concurrent audio streams the music
player can service, how much network bandwidth is con-
sumed by the audio packets for each stream, how much band-
width is available, the maximum data rate that can be handled
by the receivers/speakers, etc.

Given the behavior patterns for each worker node, the
planner acts to instantiate the behavioral pattern into a spatial
and temporal plan given a task that is requested by the insti-
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gator. In general, the planner derives a specific action and
resource plan for each node that is needed to execute a par-
ticular task (with each task being an instance of the corre-
sponding behavior pattern). The planner then negotiates the
resources with each node and orders particular tasks to begin
at particular times, relative to the available resources and a
predefined criticality of the task (e.g., a heart pacemaker
monitor would likely have a higher criticality than an audio
data stream from a music player, as would be defined in the
corresponding behavior patterns). Further, in a tested
embodiment, the planner also ensures that there are no
resource or node usage conflicts between the tasks when
negotiating resources for each node.

In a tested embodiment, the self-tuning planning capabili-
ties of the RTST described herein were implemented using a
novel adaptation of open standards based XML Web Services
(i.e., Simple Object Access Protocol, “SOAP”) both for appli-
cation and for system communication in order to maximize
interoperability. Consequently, for purposes of explanation,
the RTST will be generally described herein in the context of
an XML-based SOAP implementation. However, it should be
clear that the capabilities and features described herein can be
implemented with any desired scripting or coding language,
and itis not intended to be limited to the use of an XML -based
SOAP implementation.

In view of the above summary, it is clear that in various
embodiments, the RTST described herein provides a unique
system and method for automatic programming, scheduling,
and real-time control of tasks performed by worker nodes in
an ad-hoc distributed environment as a function of available
resources and task criticality. Other advantages of the RTST
will become apparent from the detailed description which
follows hereinafter when taken in conjunction with the
accompanying drawing figures.

DESCRIPTION OF THE DRAWINGS

The specific features, aspects, and advantages of the
present invention will become better understood with regard
to the following description, appended claims, and accompa-
nying drawings where:

FIG. 1 is a general system diagram depicting a general-
purpose computing device for use as any or all of a worker
node, instigator, or planner for automatic programming,
scheduling, and real-time control of tasks performed under
the control of a “real-time self tuner” (RTST).

FIG. 2 is a general system diagram depicting a general
device having simplified computing and /O capabilities for
use as any or all of a worker node, instigator, or planner.

FIG. 3 illustrates an exemplary architectural diagram
showing exemplary program modules for providing auto-
matic programming, scheduling, and real-time control of
tasks.

FIG. 4 illustrates an exemplary ad-hoc network showing
two worker nodes (a producer node and a consumer node)
under the scheduling control of a planner (and optional sepa-
rate instigator).

FIG. 5 illustrates a probabilistic distribution computed
from the received status reports for determining an estimated
amount of resources required to achieve a desired confidence
in completing an assigned task.

FIG. 6 illustrates an exemplary wireless ad-hoc network
comprised of a plurality of variously interconnected compu-
tationally enabled devices.

DETAILED DESCRIPTION

In the following detailed description, reference is made to
the accompanying drawings, which form a part hereof, and in
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which is shown by way of illustration specific embodiments
in which the invention may be practiced. It is understood that
other embodiments may be utilized and structural changes
may be made without departing from the scope of the present
invention.

1.0 Exemplary Operating Environments:

FIG. 1 and FIG. 2 illustrate two examples of suitable com-
puting environments on which various embodiments and ele-
ments of a “real-time self tuner” (RTST), as described herein,
may be implemented.

For example, FIG. 1 illustrates an example of a general
computing system environment 100. The computing system
environment 100 is only one example of a suitable computing
environment and is not intended to suggest any limitation as
to the scope of use or functionality of the invention. Neither
should the computing environment 100 be interpreted as hav-
ing any dependency or requirement relating to any one or
combination of components illustrated in the exemplary oper-
ating environment 100.

The RTST is operational with numerous other general pur-
pose or special purpose computing system environments or
configurations. Examples of well known computing systems,
environments, and/or configurations that may be suitable for
use with the invention include, but are not limited to, personal
computers, server computers, hand-held, laptop or mobile
computer or communications devices such as cell phones and
PDA’s, multiprocessor systems, microprocessor-based sys-
tems, set top boxes, programmable consumer electronics,
network PCs, minicomputers, mainframe computers, distrib-
uted computing environments that include any of the above
systems or devices. Particular “workernodes,” as described in
further detail below, may also include devices having at least
some minimum computational capability in combination
with a communications interface, including, for example,
home appliances, security systems, lighting, sensor networks,
medical electronic devices, wearable computers, robotics,
industrial controls, wired or wireless communication sys-
tems, audio nets, distributed computers, toys, games, etc.

The invention may be described in the general context of
computer-executable instructions, such as program modules,
being executed by a computer. Generally, program modules
include routines, programs, objects, components, data struc-
tures, etc., that perform particular tasks or implement particu-
lar abstract data types. The invention may also be practiced in
distributed computing environments where tasks are per-
formed by remote processing devices that are linked through
a communications network. In a distributed computing envi-
ronment, program modules may be located in both local and
remote computer storage media including memory storage
devices. With reference to FIG. 1, an exemplary system for
implementing the invention includes a general-purpose com-
puting device in the form of a computer 110.

Components of computer 110 may include, but are not
limited to, processing unit(s) 120, a system memory 130, and
a system bus 121 that couples various system components
including the system memory to the processing unit 120. The
system bus 121 may be any of several types of bus structures
including a memory bus or memory controller, a peripheral
bus, and a local bus using any of a variety of bus architectures.
By way of example, and not limitation, such architectures
include Industry Standard Architecture (ISA) bus, Micro
Channel Architecture (MCA) bus, Enhanced ISA (EISA) bus,
Video Electronics Standards Association (VESA) local bus,
and Peripheral Component Interconnect (PCI) bus also
known as Mezzanine bus.

Computer 110 typically includes a variety of computer
readable media. Computer readable media can be any avail-
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able media that can be accessed by computer 110 and includes
both volatile and nonvolatile media, removable and non-re-
movable media. By way of example, and not limitation, com-
puter readable media may comprise computer storage media
and communication media. Computer storage media includes
volatile and nonvolatile removable and non-removable media
implemented in any method or technology for storage of
information such as computer readable instructions, data
structures, program modules, or other data.

Computer storage media includes, but is not limited to,
RAM, ROM, EEPROM, flash memory, or other memory
technology; CD-ROM, digital versatile disks (DVD), or other
optical disk storage; magnetic cassettes, magnetic tape, mag-
netic disk storage, or other magnetic storage devices; or any
other medium which can be used to store the desired infor-
mation and which can be accessed by computer 110. Com-
munication media typically embodies computer readable
instructions, data structures, program modules or other data
in a modulated data signal such as a carrier wave or other
transport mechanism and includes any information delivery
media. The term “modulated data signal” means a signal that
has one or more of its characteristics set or changed in such a
manner as to encode information in the signal. By way of
example, and not limitation, communication media includes
wired media such as a wired network or direct-wired connec-
tion, and wireless media such as acoustic, RF, infrared, and
other wireless media. Combinations of any of the above
should also be included within the scope of computer read-
able media.

The system memory 130 includes computer storage media
in the form of volatile and/or nonvolatile memory such as read
only memory (ROM) 131 and random access memory
(RAM) 132. A basic input/output system 133 (BIOS), con-
taining the basic routines that help to transfer information
between elements within computer 110, such as during start-
up, is typically stored in ROM 131. RAM 132 typically con-
tains data and/or program modules that are immediately
accessible to and/or presently being operated on by process-
ing unit 120. By way of example, and not limitation, FIG. 1
illustrates operating system 134, application programs 135,
other program modules 136, and program data 137.

The computer 110 may also include other removable/non-
removable, volatile/nonvolatile computer storage media. By
way of example only, FIG. 1 illustrates a hard disk drive 141
that reads from or writes to non-removable, nonvolatile mag-
netic media, a magnetic disk drive 151 that reads from or
writes to a removable, nonvolatile magnetic disk 152, and an
optical disk drive 155 that reads from or writes to a remov-
able, nonvolatile optical disk 156 such as a CD ROM or other
optical media. Other removable/non-removable, volatile/
nonvolatile computer storage media that can be used in the
exemplary operating environment include, but are not limited
to, magnetic tape cassettes, flash memory cards, digital ver-
satile disks, digital video tape, solid state RAM, solid state
ROM, and the like. The hard disk drive 141 is typically
connected to the system bus 121 through a non-removable
memory interface such as interface 140, and magnetic disk
drive 151 and optical disk drive 155 are typically connected to
the system bus 121 by a removable memory interface, such as
interface 150.

The drives and their associated computer storage media
discussed above and illustrated in FIG. 1, provide storage of
computer readable instructions, data structures, program
modules and other data for the computer 110. In FIG. 1, for
example, hard disk drive 141 is illustrated as storing operating
system 144, application programs 145, other program mod-
ules 146, and program data 147. Note that these components
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can either be the same as or different from operating system
134, application programs 135, other program modules 136,
and program data 137. Operating system 144, application
programs 145, other program modules 146, and program data
147 are given different numbers here to illustrate that, at a
minimum, they are different copies. A user may enter com-
mands and information into the computer 110 through input
devices such as a keyboard 162 and pointing device 161,
commonly referred to as a mouse, trackball, or touch pad.

In addition, the computer 110 may also include a speech
input device, such as a microphone 198 or a microphone
array, as well as a loudspeaker 197 or other sound output
device connected via an audio interface 199. Other input
devices (not shown) may include a joystick, game pad, satel-
lite dish, scanner, radio receiver, and a television or broadcast
video receiver, or the like. These and other input devices are
often connected to the processing unit 120 through a user
input interface 160 that is coupled to the system bus 121, but
may be connected by other interface and bus structures, such
as, for example, a parallel port, game port, or a universal serial
bus (USB). A monitor 191 or other type of display device is
also connected to the system bus 121 via an interface, such as
a video interface 190. In addition to the monitor, computers
may also include other peripheral output devices such as a
printer 196, which may be connected through an output
peripheral interface 195.

The computer 110 may operate in a networked environ-
ment using logical connections to one or more remote com-
puters, such as a remote computer 180. The remote computer
180 may be a personal computer, a server, a router, a network
PC, a peer device, or other common network node, and typi-
cally includes many or all of the elements described above
relative to the computer 110, although only a memory storage
device 181 has been illustrated in FIG. 1. The logical connec-
tions depicted in FIG. 1 include a local area network (LAN)
171 and a wide area network (WAN) 173, but may also
include other networks. Such networking environments are
commonplace in offices, enterprise-wide computer networks,
intranets, and the Internet.

When used in a LAN networking environment, the com-
puter 110 is connected to the LAN 171 through a network
interface or adapter 170. When used in a WAN networking
environment, the computer 110 typically includes a modem
172 or other means for establishing communications over the
WAN 173, such as the Internet. The modem 172, which may
be internal or external, may be connected to the system bus
121 via the user input interface 160, or other appropriate
mechanism. In a networked environment, program modules
depicted relative to the computer 110, or portions thereof,
may be stored in the remote memory storage device. By way
of example, and not limitation, FIG. 1 illustrates remote
application programs 185 as residing on memory device 181.
It will be appreciated that the network connections shown are
exemplary and other means of establishing a communications
link between the computers may be used.

With respect to FIG. 2, this figure shows a general system
diagram showing a simplified computing device. Such com-
puting devices can be typically be found in devices having at
least some minimum computational capability in combina-
tion with a communications interface, including, for example,
home appliances, security systems, lighting, sensor networks,
medical electronic devices, wearable computers, robotics,
industrial controls, wired or wireless communication sys-
tems, audio nets, distributed computers, toys, games, etc. It
should be noted that any boxes that are represented by broken
or dashed lines in FIG. 2 represent alternate embodiments of
the simplified computing device, as described herein, and that
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any or all ofthese alternate embodiments, as described below,
may be used in combination with other alternate embodi-
ments that are described throughout this document.

At a minimum, to enable a device to act as a worker node
(as described in further detail below), the device must have
some minimum computational capability and a communica-
tions interface. In particular, as illustrated by FIG. 2, the
computational capability is generally illustrated by process-
ing unit(s) 210 (roughly analogous to processing units 120
described above with respect to FIG. 1). Note that in contrast
to the processing unit(s) 120 of the general computing device
of FIG. 1, the processing unit(s) 210 illustrated in FIG. 2 may
be specialized (and inexpensive) microprocessors, such as a
DSP, a VLIW, or other micro-controller rather than the gen-
eral-purpose processor unit of a PC-type computer or the like,
as described above.

In addition, the simplified computing device of FIG. 2 may
also include other components, such as, for example one or
more input devices 240 (analogous to the input devices
described with respect to FIG. 1). The simplified computing
device of FIG. 2 may also include other optional components,
such as, for example one or more output devices 250 (analo-
gous to the output devices described with respect to FIG. 1).
Finally, the simplified computing device of FIG. 2 may also
removable and/or non-removable storage, 260 and 270,
respectively (analogous to the storage devices described with
respect to FIG. 1).

The exemplary operating environments having now been
discussed, the remaining part of this description will be
devoted to a discussion of the program modules and processes
embodying the “real-time self tuner” (RTST).

2.0 Introduction:

Computing that enhances existing everyday devices and
makes them smarter without requiring extra human interac-
tion is conventionally referred to as “invisible computing.”
Embedded real-time computing systems for entertainment
and other consumer, or industrial, uses are increasingly built
out of distributed components that are manufactured by mul-
tiple vendors. This means that in an “invisible computing”
environment, interoperation between such components is an
important factor. Consequently, a “real-time self-tuner”
(RTST), as described herein, provides automatic program-
ming, scheduling, and real-time control of desired activities/
tasks performed by “worker nodes” in an ad-hoc distributed
environment as a function of available resources and task
criticality. These worker nodes include devices, such as, for
example, general purpose computer systems, home appli-
ances, security systems, lighting, sensor networks, medical
electronic devices, wearable computers, robotics, industrial
controls, wired and wireless communication systems, audio
nets, distributed computers, toys, games, etc.

The RTST acts, in part, as a centralized “planner” that is
either instantiated in one of the nodes or operates as a part of
a general-purpose or a dedicated computing device. A set of
communications protocols allows applications to communi-
cate with the nodes, and allow one or more nodes to commu-
nicate with each other, if needed. Self-tuning of the interop-
eration and scheduling of tasks to be performed at each node
uses an on-line sampling driven statistical model and pre-
defined node “behavior patterns” to predict and manage
resource requirements needed by each node for completing
assigned tasks, so as to maximize resource usage across the
range of devices competing for those resources.

In a tested embodiment, the self-tuning planning capabili-
ties of the RTST described herein were implemented using a
novel adaptation of open standards based XML Web Services
(i.e., Simple Object Access Protocol, “SOAP”) both for appli-
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cation and for system communication in order to maximize
interoperability. Consequently, for purposes of explanation,
the RTST will be generally described herein in the context of
an XML-based SOAP implementation. However, it should be
clear that the capabilities and features described herein can be
implemented with any desired scripting or coding language,
and it is not intended to be limited to the use of an XML -based
SOAP implementation.

2.1 System Overview:

The programming, scheduling, and real-time control pro-
vided by the RTST is generally provided as a function of
statistical observations of real-world behavior of the worker
nodes relative to predefined “behavior patterns” of those
nodes, and with respect to a finite amount of available shared
resources (CPU cycles, memory, I/O bandwidth, capabilities
of the various nodes, etc.). Since there is generally a finite
pool of shared resources, the RTST acts to dynamically plan
and schedule actions or activities by the worker nodes in such
away as to ensure that resource usage by the various worker
nodes does not exceed the available resources. In other words,
the RTST observes what is happening, relative to particular
worker nodes, and then automatically plans actions or tasks to
be performed by the worker nodes depending upon a critical-
ity of the particular tasks given the available resources.

The “worker nodes” described herein generally include
any device or application capable of real world interaction,
and include both “producers” and “consumers” of data. These
worker nodes include devices, such as, for example, home
appliances, security systems, lighting, sensor networks,
medical electronic devices, wearable computers, robotics,
industrial controls, wired or wireless communication sys-
tems, audio nets, distributed computers, toys, games, etc.

Further, each worker node includes at least a minimum
computational capability to respond to basic commands, and
to perform assigned tasks, when ordered. Such computational
capability can be provided by inexpensive conventional
microcontrollers (costing on the order of only a few dollars
each), including, for example, DSP’s, VLIWs, or other micro-
controllers, depending upon the particular device. However,
the devices comprising the worker nodes may include greater
computational capability, such as in the case where a particu-
lar node is a PC-type computer, or some more powerful
computing platform, and in fact, the nodes can form a distrib-
uted computing environment made of computers of various
computing capabilities.

In general, producer nodes produce data, and consumer
nodes consume data. For example, a producer node might
include a sensor, such as a thermocouple, an accelerometer,
etc., a device which generates data, such as a CD player, a
camera, etc., or some type of control device, such as a stereo
remote control, a light switch, a power on/off button, etc. In
contrast, a consumer node might include a data recorder, a
receiver and/or stereo speakers, a light fixture, a video display
device, etc. In other words, as noted above, the producer node
generates data while the consumer node makes use of that
data or in some way acts on that data. Consequently, pro-
ducer/consumer pairs may include matched pairs of nodes,
such as, for example, a light switch/light fixture pair, a music
player paired with a receiver/speaker, a data sensor/data
recorder pair, etc., to name only a few such pairs.

In addition to worker nodes, the overall system enabled by
the RTST also includes one or more “instigators” and one or
more “planners.” An instigator, as defined herein, is any appli-
cation or device that drives a task that is to be performed by a
worker node. For example, an instigator might be a TV
remote control device that is pressed to start a movie on a
television (a worker node in this example), or a computer
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program that orders a particular device or application to per-
form a particular task. Instigators do not directly control the
worker nodes, butinstead act through one or more “planners,”
with the planner itself being responsible for scheduling the
actions of the worker nodes in response to a request from an
instigator, and relative to available resources.

It should be noted that the planner itself can act as an
instigator, as described in further detail herein. Further, it
should also be noted that (via the corresponding planner) one
task can trigger another different task, or one instance of a
particular task can trigger the next instance of that task. For
example, lights (consumer node) can be automatically
dimmed (task) by a light switch (producer node) while a
particular song is played (task) by a receiver/speaker (con-
sumer node) sent from a music player (producer node) all
under the control of one or more planners.

In scheduling the tasks to be performed by the worker
nodes, the planner evaluates a “behavior pattern” that is
defined for each of the worker nodes. In general, these behav-
ior patterns include information that identifies parameters,
such as, for example, what sequence of actions is needed,
what messages are expected, what types of resources are
required for a particular worker node to execute a task, and
how much temporal tolerance exists in performing a particu-
lar task (for use in determining earliest and latest start times
relative to a task deadline). In various embodiments, these
behavior patterns are either hand authored, automatically
determined by experimentation, or are defined using a soft-
ware wizard, or the like, which evaluates individual worker
nodes to estimate their behavior, either with or without user
input. In general, behavior patterns can be maintained either
within some addressable memory within each corresponding
node, in an external lookup table, file, or database accessible
to the instigators and/or planners, or can be maintained within
some memory accessible to the corresponding planner.

With respect to experimental determination of behavior
patterns, the general idea is to perform a “dry run” of particu-
lar tasks across the ad-hoc network to determine what
resources are actually consumed by the worker nodes in per-
forming those tasks. These dry-runs are preferably performed
without actually affecting anything in the real world (audibly
playing music, visibly cycling lights, recording data to a
memory device, etc.). A simple example of a “dry run” would
beto send audio packets across a network from a music player
to one or more sets of receivers/speakers (without actually
audibly playing the music) to determine behaviors such as,
for example, how many concurrent audio streams the music
player can service, how much network bandwidth is con-
sumed by the audio packets for each stream, how much band-
width is available, the maximum data rate that can be handled
by the receivers/speakers, etc.

Given the behavior patterns for each worker node, the
planner then acts to instantiate the behavioral pattern into a
spatial and temporal plan given a task that is requested by the
instigator. In general, the planner derives a specific action and
resource plan for each node that is needed to execute a par-
ticular task (with each task being an instance of the corre-
sponding behavior pattern). The planner then negotiates the
resources with each node, and orders particular tasks to begin
at particular times, relative to the available resources and a
predefined criticality of the task (e.g., a heart pacemaker
monitor would likely have a higher criticality than an audio
data stream from a music player, as would be defined in the
corresponding behavior patterns).

2.2 System Architecture:

The processes summarized above are illustrated by the

general system diagram of FIG. 3. In particular, the system
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diagram of FIG. 3 illustrates general interrelationships
between program modules for implementing the real-time
selftuner (RTST) described herein. It should be noted that any
boxes and interconnections between boxes that are repre-
sented by broken or dashed lines in FIG. 2 represent alternate
embodiments of the RTST described herein, and that any or
all of these alternate embodiments, as described below, may
beused in combination with other alternate embodiments that
are described throughout this document.

In general, as illustrated by FIG. 3, the RTST system
described herein can be instantiated in an ad-hoc distributed
network (such as, for example, the ad-hoc network described
below with respect to FIG. 6) which includes, at a minimum,
one or more planner modules 305, and one or more worker
nodes (335, 340 and 345) with corresponding “behavior pat-
terns” 330. The RTST system may also include one or more
instigator modules 300. However, the functionality per-
formed by the instigator may be combined with the function-
ality of the planner in various embodiments of the RTST
(depending upon the types and functionality of the devices
connected in the ad-hoc network).

In general, as described in greater detail below, the insti-
gator module 300 is any application or device that drives a
task that is to be performed by a worker node (335, 340, or
345). One primary function of the instigator modules 300 is to
make requests to one or more of the planner modules 305 for
a particular task or tasks to be performed. It is then the
responsibility of the corresponding planner modules 305 to
schedule the requested tasks to be performed by one or more
worker nodes (335, 340, or 345). However, as described in
further detail below, planner modules 305 can also act in the
role of an instigator. Each planner module 305 generally
includes an optional conflict detector module 310, a scheduler
module 315, and a sampler module 320, as described in
further detail below.

In scheduling particular tasks to be performed by the vari-
ous worker nodes (335, 340, or 345), the planner module 305
first optionally uses the conflict detector module 310 to deter-
mine whether a requested task conflicts with an already
scheduled task (or other ongoing repetitive actions) based on
predefined behavior patterns 330 for each worker node, or
whether one of the necessary worker nodes will be unable to
perform the requested task for some reason. The conflict
detector module 310 then attempts to fill in one-time tasks
into any gaps in the current scheduling. When a potential
overlap is detected between tasks, any calculated slack
between the two tasks is adjusted by reducing some slack
from each of the actions so that the sum of the adjustment
equals the overlap. If at any point the calculated slack
becomes negative, the new task is rejected and the calculated
slack of the existing nodes is returned to what it was before the
insertion.

Ifthe conflict detector module 310 reports that there are no
conflicts, then the scheduler module 315 evaluates the pre-
defined behavior patterns 330 to schedule or reserve the
resources necessary for the requested tasks to be performed
by generating an “action plan” or “planned actions™ 325 (see
Section 3.3.2) which is basically a temporal instantiation of
the corresponding behavior patterns of the corresponding
worker node. In performing this task scheduling, the planner
module 305 also makes use of the sampler module 320 in
order to reserve the appropriate amount of resources to com-
plete the requested task. Note that the scheduler module 315
can also to schedule tasks without requiring an input from the
conflict detector module 310.

During operation of tasks, the sampler module 320 pro-
vides a statistical analysis of actual resource usage of the
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various worker nodes in performing particular tasks, and
adaptively uses that information to tune resource reservations
made by the scheduler module 315 in real-time. Further, prior
to actually beginning a task, system level “dry-runs” can be
performed to prime the sampler module with statistical
resource usage data so that the appropriate amount of
resources can be reserved so that any particular task will
succeed within some desired confidence level. Similarly, ini-
tial estimates or guesses as to the resources needed for a
particular task can also be used to prime the sampler module
320.

The behavior patterns 330 generally include information
that identifies parameters for tasks that can be performed by
each worker node (335, 340 and 345), such as, for example,
what sequence of actions is needed, what messages are
expected, what types of resources are required for a particular
worker node to execute a task, and how much temporal tol-
erance exists in performing a particular task (for use in deter-
mining earliest and latest start times relative to a task dead-
line). As described in further detail below, in various
embodiments, these behavior patterns are either hand
authored 355, automatically determined by experimentation
360, or are defined using a software wizard 350, or the like.
3.0 Operation Overview:

The above-described program modules are employed in
the “real-time self-tuner” (RTST) for providing automatic
programming, scheduling, and real-time control of desired
activities/tasks performed by “worker nodes” in an ad-hoc
distributed environment as a function of available resources
and task criticality. The following sections provide a detailed
operational discussion of exemplary methods for implement-
ing the program modules provided above in Section 2.

3.1 Real-Time Self Tuner System Architecture Overview:

In general, distributed tasks communicate through mes-
sages and execute service methods on individual worker
nodes. The RTST system and method described herein (i.e.,
the “planner,” “instigator,” and “worker nodes™) exploits
similarity in communication patterns and resource needs
between similar tasks that exhibit “behavioral patterns.” The
RTST acts to separate the temporal and spatial behavior and
controls execution and scheduling based on the predefined
behavior patterns in combination with predicted behavior and
resource needs.

Planning is done at an earlier time than actual messaging
and communication, thereby facilitating resource planning at
an earlier point in time than when task execution by the
worker node actually occurs. Data produced by one or more
of the worker nodes later drives the actual work, but the
planner pre-reserves the necessary resources, thereby assur-
ing that the actual work can be completed successfully. How-
ever, due to variations in performing the actual work and
random delays, the planner initially over-reserves resources
to account for the variations. A statistical model is used to
predict exactly how much of the available resources need to
be reserved to assure the level of quality a specific task needs.
The more critical the application, the higher the required
quality is and the more resources it needs.

As noted above, an “instigator” is the application that
drives a task to be performed by a worker node. The instigator
declares a behavior pattern and the criticality of a task as well
as medium dependent tolerance to temporal jitter (e.g.,
“wiggle room” in the task start time) and the desired deadline
when the specific instance of the task should be completed. In
general, the planner then instantiates the behavior pattern of a
particular worker node (or nodes) into a spatial and temporal
plan. Specifically, the planner derives a specific action and
resource plan for each worker node that is needed to execute
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the task (with each task being a particular “instance” of the
corresponding behavior pattern). The planner then negotiates
the necessary resources with each node, and causes tasks to
start at a prescheduled time.

While the task executes, the planner monitors its progress
and measures its timing and resource consumption. This
monitoring by the planner is generally referred to throughout
this description as “sampling.” In general, with sampling, one
or more of the worker nodes send samples of collected infor-
mation back to the corresponding planner according to a
predetermined sampling schedule. Consequently, as dis-
cussed in further detail below, this sampled information is
basically a kind of status report that tells the planner infor-
mation such as actual resources used by a particular worker
node, how long the worker node needed to complete the
assigned task, etc.

Given this sampled information, the planner adjusts a cor-
responding statistical model to produce updated predictions
on the resource needs for the corresponding worker nodes. If
the quality of the measured performance does not match that
specified by the application, the planner will attempt to rene-
gotiate the plan with the worker nodes. Commonly the adjust-
ment in reserved resources will be downwards, as the quality
of the stochastic distribution of the statistical model itself
increases with more samples and thus less over-reservation is
needed, thereby freeing up reserved resources for other
potential uses.

3.3.1 Behavior Patterns:

In scheduling the tasks to be performed by the worker
nodes, the planner evaluates a “behavior pattern™ that is
defined for each of the worker nodes. In general, these behav-
ior patterns include information that identifies parameters,
such as, for example, what sequence of actions is needed,
what messages are expected, what types of resources are
required for a particular worker node to execute a task, and
how much temporal tolerance, or jitter, is acceptable in per-
forming a particular task (for use in determining earliest and
latest start times relative to a task deadline).

In various embodiments, these behavior patterns are either
hand authored, automatically determined by experimenta-
tion, or are defined using a software wizard, or the like, which
evaluates individual worker nodes to estimate their behavior
(either with or without user input). In general, behavior pat-
terns can be maintained either within some addressable
memory within each corresponding node, in an external
lookup table, file, or database accessible to the instigators
and/or planners, or can be maintained within some memory
accessible to the corresponding planner. Operationally, in one
embodiment, behavior patterns are declared to the planner by
the instigator.

With respect to experimental determination of behavior
patterns, the general idea is to perform a “dry run” of particu-
lar tasks across the ad-hoc network to determine what
resources are actually consumed by the worker nodes in per-
forming those tasks. These dry-runs are preferably performed
without actually affecting anything in the real world (audibly
playing music, visibly cycling lights, recording data to a
memory device, etc.). A simple example of a “dry run” would
be to send audio packets, representing one or more audio
streams, across a network from a music player to one or more
sets of receivers/speakers (without actually audibly playing
the music) to determine behaviors such as, for example, how
many concurrent audio streams the music player can service
at a given audio sampling rate, how much network bandwidth
is consumed by the audio packets for each stream, how much
bandwidth is available, the maximum data rate that can be
handled by the receivers/speakers, etc.
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An example of a very rudimentary behavior pattern is
illustrated below with respect to FIG. 4, and with a predefined
XML-based behavior pattern. In particular, the following
XML-based behavior pattern defines three nodes, including a
planner 410 (which is also the instigator in this case) a pro-
ducer note 420 (which is a data sensor, such as a thermo-
couple, in this example) and a consumer node 430 (which
may be a data recorder, in this example).

<behavior name="SensorDemo”>
<action name="Demolnstigator” endpoint="node:instigator/COB/
sensormain.cob™>
<message destination="SensorProducer/*”/>
</action>
<action name="SensorProducer” endpoint=-node:sensor/COB/
sensor.cob”/>
<repeat count="100" Period="P1.58”/>
<message destination="SensorConsumer”/>
</action>
<action name="SensorConsumer” endpoint="node:consumer/COB/
sensor.cob”/>
<repeat count="100" period="P1.58”/>
</action>
<sampling destination="node:instigator” interval="20" number="2"/>
</behavior>

Example Behavior Pattern for a Three Node Sensor
Demonstration

In general, the example behavior pattern illustrated above
expresses a pattern for a sensor demonstration that runs on
three nodes (note that in various embodiments, the instigator
400 can be separate from the planner 410, if desired). In this
example, the instigator/planner 410 sends an asynchronous
message to sensor 420 that is directed to all 100 of the Sen-
sorProducer action instances. The sensor producer 420 then
runs the method expressed in that message for one hundred
times, each run offset by 1.5 seconds. The producer 420 also
sends a message each time to the consumer 430, which
expects one message per action instance. The consumer 430
then records the data received in the messages sent by the
producer 420. Note that the behavior pattern illustrated above
also states that sampling (i.e., status reports) should be done at
a double sampling schedule every 20 invocations. This sam-
pling is used as feed-back to the statistical model maintained
by the planner 410 in scheduling and reserving resources for
the producer 420 and consumer 430 in this example.

3.3.2 Planner and Planned Actions:

In general, given the behavior patterns for each worker
node, the planner acts to instantiate the behavioral pattern into
a spatial and temporal plan given a task that is requested by
the instigator. The planner derives a specific action and
resource plan for each node that is needed to execute a par-
ticular task (with each task being an instance of the corre-
sponding behavior pattern). The planner then negotiates the
resources with each node, and orders particular tasks to begin
at particular times, relative to the available resources and a
predefined criticality of the task.

In planning actions, behavior patterns for a particular
worker node are instantiated to a spatial plan by a discovery
service. The discovery service resolves action scheduling
roles (see Section 3.3.3) into precise URLs and network
addresses. Discovery, trust, and security issues in instantiat-
ing these tasks are accomplished using conventional tech-
niques to determine what devices are connected to the ad-hoc
network, whether those devices are trusted, and what type of
security, if any, is to be used.
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As noted above, the behavior pattern is instantiated tem-
porally by the planner. The planner uses a stochastic process
and sampling (node status reports) to predict how many
resources are needed for a given application specified quality
standard. The planner then estimates how much time will be
needed at each node and how far before a particular task
deadline an action needs to start. The planner also offsets the
various actions relative to each other so that the overall dead-
line can be met.

The specific start time is finally calculated from an appli-
cation supplied overall deadline. This full instantiation of a
behavior pattern is now termed an “action plan,” which is
generally a list of actions with their corresponding locations,
resources, and times. The planner then negotiates the
resources with the worker nodes, at which time it is up to the
application (instigator) to provide the data for the initial mes-
sage that sets the planed action in motion.

Planned actions express temporal behavior of a program.
Action scheduling is a novel extension of conventional earli-
est deadline first (EDF) and constraint based scheduling
(CBS). As noted above, planned actions (or “action plans™)
are also instantiations of behavior patterns, bound to a spe-
cific time and place. For example, the following XMI -based
example action plan is a plan corresponding to the XMIL.-
based behavior pattern described above in Section 3.3.1.

<task name="SensorDemo-123456">
<action name="SensorProducer”
deadline="2004-12-11T02:51:48.70015082Z" tolerance="P0.005S”
duration="P0.02S”>
<trigger maxCount="100" offset="P1.58”>SensorProducer</trigger>
</action>
<sampling destination="http://10.10.10.10/COB}/statistics.cob”
interval="20" number="2"/>
</task>

Action Plan for Producer Node Corresponding to
Example Behavior Pattern

In general, action plans list what resources are needed for a
task, at what time those resources are needed, where those
resources are located, and how much time variance (or jitter)
can be tolerated. At any one time and place, the planned action
is a multi-dimensional resource vector that enumerates all the
various resources needed (CPU cycles, memory, 1/O band-
width, etc.). The planned actions also describe the relation-
ship between related actions through triggers. As noted
above, one action can trigger another action or itself; or both.

The planned action model proposed in this paper is an
extension of a constraint based scheduler (CBS), which is
itself an extension of earliest deadline first (EDF) based
scheduling. However, unlike CBS- and EDF-based schedul-
ing wherein each thread declares its constraints, the resource
plan described herein is separated from execution.

In particular, the action plan is a constraint with a state
machine, where execution is possible only in the right state.
Once an action is entered into the local schedule, it reserves
the time just like a conventional CBS- or EDF-based con-
straint. However, unlike a CBS- or EDF-based constraint, a
planned action, as described herein, needs more than just the
correct time to run. First, as discussed in further detail below,
the planned action needs to be triggered, and second, the
planned action needs to have something (a continuation) to
run associated with it. In other words, what is executed is
separated from when something is executed and in which
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sequence. Therefore, the action’s triggers control the
sequencing, and the action’s deadline controls when. The
“what” of the planned action is controlled by the specific
implementation of the services and the methods that are
called and the specific behavior patterns defined for a particu-
lar node/task—in other words, the content of the payload
messages.

Consequently, a planned action item is a tuple <Deadline,
Estimate, Tolerance, Trigger; SeqNo, State; Consumed>.
(Note that in conventional programming languages, a “tuple”
is simply an ordered set of values). The Deadline is the same
as in EDF and CBS, the Estimate is the same as in CBS, the
Tolerance corresponds to the Start time in CBS
(Tolerance=Deadline-Estimate—Start) but is a somewhat
more meaningful number to applications. The Trigger is a list
of actions (if any) to trigger once the current action is com-
pleted. The sequence number (SeqNo) distinguishes one
instance of a repetitive action from another. Once a worker
node has accepted an action, the planner executes a state
machine on the action. The state machine includes the fol-
lowing states: Initialize, Wait-Trigger, Wait-Message, Wait-
Start-Time, Run, Terminated. The service application gets to
execute once the state machine reaches the Run state.

A repetitive action is one that triggers itself with a time
offset. A sequence of actions is one where actions trigger each
other in a chained fashion. A one-time action is one where
there is only one action that does not trigger anything. An
action that is not triggered by any action other than itself is
considered automatically triggered initially. A trigger can be
represented by the tuple: <WhatAction, TimeOffset, Repeat-
Count>

While actions form scheduling trees in the planner that
creates and interprets them, they are represented as simple
XML blocks while in transit. These messages are automati-
cally serialized by the planner. An example of a simple seri-
alized planned action is illustrated above (i.e., the “Action
Plan for Producer Node Corresponding to Example Behavior
Pattern” described above). Again, it should be noted that the
use of XML in this detailed description of the RTST is pro-
vided for purposes of explanation only, and that the RTST is
not intended to be limited to the use of XML or other particu-
lar scripting or coding languages.

3.3.3 Action Scheduling Roles:

Scheduling of planned actions is split into three distinct
phases:

1. Instantiating a behavior pattern into a concrete action

plan by the instigator (planning);

2. Negotiation of the plan with the worker nodes (admis-

sion control); and

3. Executing the action plan and state machines on the

worker nodes.

The planning (phase No. 1) is done by an instigator (which
can also be the “planner,” as described above) which drives a
specific task. There may be multiple instigators driving mul-
tiple instances of multiple tasks. Each task can be planned in
isolation and its resource needs can be estimated in isolation.
Similarly each node knows how to best execute the work that
is delivered to it (phase No. 3). In one embodiment, each node
will, within the given constraints, try to execute the schedule
in an optimal order, so as to save energy or other resources, if
possible.

In one embodiment, the admission control (phase No. 2) is
done at the worker nodes themselves, using a “decentralized
model.” Alternately, this admission control can be done at a
central machine (i.e., a central planner or instigator) that
knows the schedules for all the nodes/tasks, using a “central-
ized model.” One advantage of the decentralized model is that
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it works in an ad-hoc peer-to-peer type environment. One
advantage of the centralized model is that the central node
could be more powerful and have more complete information.
Further, a central node can also schedule shared resources
such as radio bandwidth and pick the best node to execute a
given action when there is a choice. Implementation of the
centralized model for admission control is straightforward in
view of the following discussion. Consequently, for purposes
of'explanation, the decentralized model for admission control
is described in further detail below.

It is interesting to note the temporal shift in the scheduling
in addition to the location differences. In particular, the plan-
ning and admission control are done at the time of instigation,
when work is initially started (e.g. the TV remote was pressed
to start a movie). The execution of the plan, and the local
scheduling, is done much later, while the movie is playing,
with full knowledge of everything that needs to be done. This
allows the local scheduler flexibility as it knows all it needs to
do. It can for example attempt to cluster all execution so as to
turn itself off for the time in between tasks that it needs to
perform. For example, in order to conserve the most energy,
an action plan for listening for button presses on a remote
control can be used for the most aggressive power savings that
will not shut out additional task creation (as a result of press-
ing a button on the remote). Similar plans can be provided for
other spontaneous activities with the expected patterns that
follow.

An action plan does not mandate that any execution actu-
ally results. It is merely a reservation that guarantees that the
resources will be available when needed. The cost of a task
thus consists of a reservation cost in addition to the work
itself. The reservation cost depends on what other plans were
not admitted as a result and depends on the amount of avail-
able resources in addition to the degree of inflexibility in plan
execution. In other words a plan that requires high confidence
and little jitter is more expensive as there is more potential
conflict with other plans.

3.3.4 Estimating Resource Consumption of Actions:

The behavior pattern given to the scheduler lists some of
the resources that are needed for executing instances of the
pattern. Others, in particular CPU and memory, are needed by
almost all actions so those can be inferred automatically.
However, more requirements can be detected in the sampling
phase.

In general, one function of the planner is to estimate overall
time for particular tasks. In estimating this overall time, the
planner described herein uses a stochastic filter for probabi-
listically estimating the overall time. In a tested embodiment,
the planner stores previous samples (from received status
reports) in a table. The planner then calculates a normal
distribution of the samples. The planner then integrates this
distribution up to the application supplied confidence level
(See FIG. 5). In other words, in reserving time, the planner
will, based on the probabilistic distribution computed from
the received status reports, determine the amount of time (or
other resource) required to achieve a desired percentage (i.e.,
the “confidence level”) of successful task completion. Note
that this integral is roughly log;, , of the confidence, e.g. when
going from 99% probability to 99.99% probability the
amount of resources needed increases by approximately
twice the median.

The integral gives the amount of particular resources (time,
bandwidth, CPU cycles, etc.) required to assure the work will
be complete within the interval with the given probability (the
confidence). The size of the integral depends on: 1) the
median; 2) the deviation (volatility) of the measurement; and
3) the quality of the measurement itself. In order to stabilize
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the estimate, in one embodiment, a negative feedback loop is
added. This works by mixing the old median and deviation
into the new estimate when new samples replace the old.

As noted above, the planner uses the samples (status
reports) to calculate a distribution function. It reserves
enough resources to achieve the required quality (confidence)
. The higher the required quality the more resources are
needed. Similarly, the more jitter there is in the measurements
the more resources will be reserved. Uncertainty about the
distribution itself also adds to the resource requirements.
Initially, when there are no measurements, the planner uses
application supplied guesses. Further, in one embodiment, a
“dry-run,” as described above, can also be used to prime the
distribution function.

In one embodiment, computational overhead with respect
to the probabilistic model is reduced by using pre-calculated
values of the integral of the normal distribution and fixed
point integer arithmetic to avoid expensive calculations. Once
advantage of this pre-computation, with respect to the decen-
tralized model described herein, is that there may be less
computing power available in a decentralized ad-hoc net-
work, then in an implementation with a central node (as
described above) which has more powertul computational
capabilities. If the planning is done in a centralized way, or as
a service in its own right on a powerful machine, the statistical
calculations can be done using any conventional statistical
modeling tool, without worrying too much about computa-
tional overhead. However, microcontrollers in worker nodes
typically need to keep calculations to a minimum, while pre-
calculated values can be a significant saving.

One of the benefits of the stochastic approach is that it
works even when information is incomplete. When the qual-
ity of information increases the planner is able to make more
tight plans but even in the presence of significant uncertainty
(like non-real-time nodes) it can still make a plan with con-
fidence.

3.3.5 Quality Control Sampling:

The sampling functionality of the planner measures the
time and resources consumed at each invocation on the
worker nodes with the help of the operating system. In gen-
eral, as noted above, samples are sent back to the planner
according to a predetermined sampling schedule. By adher-
ing to the schedule, the sampler avoids overwhelming the
network and the nodes themselves with excessive sampling
messages and keeps the overhead at an acceptable level while
still facilitating a sufficient quality control and accurate pre-
dictions.

As noted above, the planner integrates the new samples
into the distribution function. When it detects a significant
enough change, it renegotiates the action plans with the
worker nodes and either releases resources for other use or
requests more resources for particular tasks, as appropriate.
3.3.6 Scheduling of Action Plans:

Once the planner has instantiated the location and timing of
a particular behavior pattern, it negotiates with each required
worker node for acquiring a reservation for executing the
plan. It sends a task description (i.e., the “Action Plan for
Producer Node Corresponding to Example Behavior Pattern”
described above in Section 3.3.2) to the worker node using
XML-based SOAP. (Again, the RTST is not intended to be
limited to the use of either XML or SOAP). The scheduler on
each node then performs an admission check and optionally
checks for resource usage conflicts. If there are no conflicts
(or if the conflict check is not preformed), the task is accepted.
Otherwise the task is rejected and the instigator application is
notified of the failure. If any of the worker nodes required for
aparticular task rejects its plan (for example, an audio player
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can’t stream any additional audio streams and still maintain a
desired audio sampling rate), the planner cancels the task on
all the worker nodes required for that task. At this point the
application can take corrective action and attempt to resched-
ule atanother time. Ifinstead the plan is accepted on all nodes,
control is returned to the instigator application for making the
initial method call that results in the first message being sent
that in turn puts the plan into action.

Note that in one embodiment, the initial method message to
the worker node can be piggybacked with the initial reserva-
tion request. Then, if the reservation fails, the method mes-
sage is simply ignored. One advantage of this embodiment is
that this piggybacking saves one communications roundtrip,
as the success of the method message implies the acceptance
of the task.

Each node keeps a list of all accepted tasks. When a new
task is proposed or an old one is adjusted, the local scheduler
on the planner runs an admission check and optionally deter-
mines whether there are conflicts (via the aforementioned
conflict detector). This is essentially a conventional bin-pack
problem with many known solutions [Knuth, MP-scheduling,
nurses, etc.], any of which can be used in various embodi-
ments. However, the problem is also NP-complete, meaning
that a precise answer is not feasible. Therefore, in a tested
embodiment, a simple best effort algorithm that sometimes
produces false positives was found to provide acceptable
results.

The conflict detector first attempts to determine conflicts
against any repetitive actions and then attempts to fill in
one-time tasks into the gaps. The algorithm uses a calculated
slack that is initially set to the jitter tolerance given by the
application. It then compares the new task against one other
task at a time. When a potential overlap is detected (the period
and time estimate interfere at any point in time) the calculated
slack between the two tasks is adjusted by reducing some
slack from each of the actions so that the sum of the adjust-
ment equals the overlap. If at any point the calculated slack
becomes negative, the new task is rejected and the calculated
slack of the existing nodes is returned to what it was before the
insertion.

In essence the admission check is a tree merge of two
scheduling trees, if the merge fails the admission is rejected.
Further, the tree merge is location independent as long as
there is a single authority (i.e., one planner). Thus in a cen-
tralized scheduling system the authoritative scheduler will
simply deliver the current tree to the worker node.

The worker node uses the scheduling action tree to drive
the timing of actual task execution. A low-level scheduler
handles context switching, priority inheritance and similar
short-term issues.

One big advantage of having pre-declared long-term
scheduling plans is that the scheduler can know when execu-
tion is not expected (i.e., “idle gaps™). Consequently, in one
embodiment, the scheduler uses this information to shut off
the power during those times when execution is not expected.
In addition the scheduler can attempt to make those idle gaps
as large as possible by packing the schedule in such a way that
expected execution is clustered together. Thus, when the sys-
tem is powered up it can do as much as possible and then stay
powered down for extended periods of time.

In the presence of multiple instigators, the admission con-
trol and negotiation mechanisms are exactly the same. The
admission checker simply handles one request at a time.
3.3.7 Continuations and Messages:

When a program executes in a thread, method calls are
made on the thread’s stack. A method call is represented by a
“continuation,” which consists of a stack frame—the closure
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of the call arguments, the object that is being called, the
method that is being called, and where to return once the call
completes. In general, these continuations are first class
objects and can, in one embodiment, exist without the thread,
including its full stack. A continuation thus represents either
aclient side method call that is waiting for the call to complete
or the server side call that is to be executed. Further, by
separating the continuation into a separate object, a continu-
ation needs an associated thread and stack only while the
continuation actually executes. Consequently, this enables
significant memory savings on continuations that are not
currently executing. This embodiment is particularly useful
for decentralized ad-hoc networks where memory resources
may be scarce.

In one embodiment, a table driven serializer and deserial-
izer (for encoding/decoding the action plans) operate on con-
tinuations. The (de)serializer uses a compact metadata repre-
sentation to interpret continuation fields. They translate
between the continuation and a message of a given format. In
the case of a SOAP implementation, a message is represented
in XML using rules specific to SOAP. There is no code spe-
cific to a given interface, except an automatically generated
proxy object on the client, which provides transparent meth-
ods that simply call the generic interpreter with the method’s
descriptor and stack frame pointer as arguments. This runtime
generated specific code is typically only three to four words
depending on the processor instruction set.

The metadata descriptor table is a compressed binary rep-
resentation of the schemas of known interfaces and the mes-
sages that are part of the interface for a particular device. The
descriptor can be generated at runtime from XML but is
normally compiled offline so that it can be placed in ROM.
Further, the metadata can be extended at runtime (sometimes
called reflection) but the metadata loaded at runtime must be
placed in RAM, which is a usually a scarcer resource.

On the client side, the thread that made a method call waits
for its continuation to complete. On the server side, however,
there does not need to be a thread a priori. Instead the system
creates and recycles threads automatically when the continu-
ation is ready to execute. The stack frame contained in the
continuation can simply be copied into a thread stack and
registers and it is ready to go. When the method call returns,
the service thread returns and does the necessary post-pro-
cessing, including sending reply messages.

A method call on the server can be thought of as a filter that
takes in one message and produces another. An asynchronous
method call is simply one that does not produce a reply
message. The server recognizes this from the metadata and
simply will not send a reply when not desired. On the client
side asynchronous messages are similarly not waited for.

Continuations that represent asynchronous messages can
be executed multiple times. The corresponding stack frame is
simply copied multiple times to multiple threads for execu-
tion.

3.3.8 Interaction between Method Messages and Planned
Actions:

In an XML-based SOAP implementation of the RTST,
each method message carries with it a SOAP header that
names the object the message is directed towards, and an
action identifier that allows the message to be matched with a
particular action. This “rendezvous mechanism” ties the
actions and messages back together after they were tempo-
rally separated, as described above.

An action id contains the name of the task, the name of the
specific action, and optionally a sequence number. The
sequence number identifies which specific instance of a
repetitive action the message is targeted to. Missed sequence
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numbers can be dealt with in an application specific way. In a
tested embodiment, a missing sequence number was inter-
preted as the next one that was expected. The sequence num-
ber can also be a wildcard. In this case the message is targeted
to all instances of the repetitive action. The method is called
over and over again with the same parameters, for as many
times, and at the time the action specifies. The limitation is
that wild carded method calls must be asynchronous as oth-
erwise the client would receive multiple replies in an unex-
pected way. In a tested embodiment, this limitation is
enforced and a SOAP Fault message is sent like in other
SOAP failure cases.

A repetitive single message captures the spontaneous
method concept into the same abstraction as event driven
service methods. A repetitive action together with an asyn-
chronous method message creates a spontaneous, time driven
method. In other words, this acts as a “wild-card trigger” for
repetitive actions.

4.0 Operational Implementation of the RTST:

As noted above, the program modules described in Section
2.0 with reference to FIGS. 3, 4 and 5, are employed enable a
“real-time self-tuner” (RTST) for providing automatic pro-
gramming, scheduling, and real-time control of desired
activities/tasks performed by “worker nodes” in an ad-hoc
distributed environment as a function of available resources
and task criticality. An example of a very simple wireless
ad-hoc network upon which the RTST may be implemented is
provided in FIG. 6. In general, FIG. 6 illustrates an ad-hoc
distributed network comprised of a plurality of variously
interconnected computationally enabled devices. Each of
these devices (worker nodes) is in contact with one or more
planners, which itself may be in contact with an instigator,
other planners, or other networks. Further, each of the worker
nodes may be in contact with one or more other worker nodes,
as shown.

In a tested embodiment, the RTST described herein is
constructed of a number of software components written in C.
(Again, the use of particular programming or scripting lan-
guages is provided for purposes of explanation only, and is
not intended to limit the use of the RTST to the particular
programming or scripting languages disclosed). Each com-
ponent of the RTST has a well defined interface that defines
how it interacts with other components. Further, all of the
components are designed to be compiled to a large number of
microprocessors, microcontrollers, VLIW signal processors,
etc. In various embodiments, some components, such as con-
ventional AES encryption, have also been implemented on
FPGAs.

While the system can be run on bare metal, with the help of
conventional real-time operating system “RTOS” compo-
nents, the RTST can also be run on any of a number of
conventional operating systems, such as, for example,
Microsoft™ Windows XP™. In general, the RTOS provides
precise low-level scheduling as well as avoidance of priority
inversion and starvation gaps that are needed for precise
real-time operations. When the RTST is run on other (non
real-time) systems, the timing can, however, be expected to be
less precise.

In general, the RTOS components used by the RTST
include a TCP/IP network stack, a constraint based real-time
scheduler, a component manager, a dynamic memory man-
ager, synchronization (threads, conditions, mutexes), and
device drivers. The RTST uses additional components,
including a tokenizer, an XML parser, SOAP serializer, dis-
covery, addressing, key exchange and trust manager and
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encryption, and adds new components, including an action
scheduler and continuation manager, a stochastic planner,
and sampling.

4.1 Tokenizer and Parser:

When a network driver receives data, it puts the data into a
memory buffer. The buffer is handed to the network stack,
which once it has determined the data is a valid packet on a
supported transport; it hands off the buffer to the RTST. This
happens through a new socket API that sets rules on how
buffers are shared and reference counted. The RTST then
deals with HTTP headers, if that is the transport, or goes
directly to the presentation level XML processor if the trans-
port is UDP or other protocol that was completely handled by
the network stack—after optionally decrypting the message.

In one embodiment, the XML is processed in a push model
directly from the network buffer as data is arriving and does
not create any intermediate parse trees so as to minimize
memory consumption. The parser delivers conventional
“SAX” (“Simple API for XML”) style parsing events to the
deserializer.

In the case of outgoing messages the same interfaces are
used but the RTST object implementation produces messages
rather than consuming them. The reuse of interfaces allows
easily plugging in different transports, encodings, and
encryption modules as desired. Conventional zero-copy was
used in a tested embodiment.

4.2 Serializer and Deserializer:

The deserializer consumes parsing events and matches the
incoming data with a metadata descriptor table that is a com-
pact representation of all the interfaces, messages, and fields
that the RTST understands. The metadata is generated from
an XML system description. The same description also gen-
erates a reference manual, C and C++ headers, stub imple-
mentations of the service, etc. The incoming messages are
then converted into continuations with native stack frames
and data representation. A temporary heap is associated with
each continuation for storing the argument data. Then, when
the continuation is eventually deleted, all the data gets deleted
at once.

The parser understands a wide variety of data types, lists,
trees of structures, in-out arguments, and language represen-
tations of multiple compilers. The outgoing messages are
again processed in reverse and the same metadata is used.
4.3 Action Scheduler and Continuation Manager:

When a message contains a SOAP header with an action
plan, the scheduler compares the new task with existing tasks.
It uses the estimates, deadline, tolerance, and repetition with
a slack reduction algorithm to make the determination. A
tested embodiment of the RTST implemented a trust man-
ager, using conventional techmques, which can determine
whether a particular requestor is trusted at all. In one simple
embodiment, the first instigator/planner to reserve an accept-
able plan will get the resources. However, in further embodi-
ments, a priority-based economic model is used for determin-
ing how much resources should be dedicated to a particular
instigator/planner.

Once an action plan has been entered, it will hold the
resources it needs reserved until: 1) the plan is modified or
cancelled; 2) the work is completed; or 3) the action is not
started in time (its method message arrives late or does not
arrive).

When a method message arrives, it contains the action ID
in a SOAP header. It is a simple lookup to find the correct
action from the schedule. A continuation is created and asso-
ciated with the action. Once the aforementioned trigger
driven state machine makes the action run-able (it might be
already), the RTST creates a thread to execute the continua-
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tion. It creates the thread in a suspended state, copies the stack
frame from the continuation, and sets the link register to point
to an activation completion routine. It then uses the schedul-
ing information in the action to set a time constraint for the
new thread and makes it run. This way, a conventional con-
straint scheduler can be used to handle the low-level sched-
uling work (but not the statistical-based resource scheduling
provided by the planner).

Once the method call completes on the activation thread, it
returns to the server and uses the serializer to send a reply
message to the appropriate place. The receiver of the reply
message treats it like a service call, so the same code is used.
The only difference on a client is that a pre-existing continu-
ation with a pre-existing thread is used. The reply message
carries the continuation ID in its SOAP header.

After the reply message is sent, any defined triggers are
triggered and resource consumption is determined. An
action’s trigger list is walked and the state machine of any
named action is advanced and associated continuations
executed. Note that in a tested embodiment, triggers were
only allowed within a single task within a single node. How-
ever, it is possible to implement multi-node triggers. Mean-
while the low-level scheduler keeps track of resource use and
that information is propagated to the sampler/statistics mod-
ule that will, according to the sampling schedule, send the
resource and timing information to the instigator/planner for
quality control and adaptation use.

The network stack uses its own time reservations that are
excluded from application use. It is worth noting that there are
no starvation gaps between the network stack and the final
transmission of the reply message. Deadline driven execution
is done at all points and the service thread atomically receives
the time constraint from the action plan. The low-level sched-
uler handles priority inheritance so multiple threads do not
starve each other.

4.4 Sampling and Statistics:

As described above, the planner receives quality control
sampling information from one or more of the worker nodes.
The planner keeps track of all the action plans (tasks) that it
has instigated. The sampling messages contain the action ID
and the resource and timing information. For each task, the
planner maintains a stochastic distribution function. It inte-
grates the new samples into the distribution but uses a nega-
tive feedback loop to maintain stability. In a tested embodi-
ment, the samples were maintained as a simple array of a fixed
number of samples, however, it should be clear that other
conventional methods for maintaining samples and statistical
information may also be used in alternate embodiments. A
median is calculated and for each sample a standard deviation
is calculated. In one embodiment, a negative feedback loop is
achieved by inserting a number of old <median, variance>
pairs into the array to maintain stability of the statistical
computations.

The sampler/statistics module assumes the distribution is a
normal distribution. This simplifying assumption might be
incorrect in some applications, and other more sophisticated
conventional statistical techniques could be used. However,
measurements of tested embodiments indicate that the use of
a simple distribution yields fairly good predictions.

As explained above, the confidence interval is calculated
by integrating the distribution up to the desired application
specified probability. Since the distribution is a normal dis-
tribution, the integral is independent of the samples and,
therefore, in one embodiment, it is pre-calculated offline into
another array to minimize computational load on the system.
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This pre-calculated integral is then simply scaled to the
observed distribution using the observed median and devia-
tion.

4.5 Planner:

As explained in greater detail above, the planner is used to
drive and monitor a particular task. The planner maintains a
list of known behavior patterns, which can be extended. The
planner also keeps track of all tasks (instances of the pattern)
that it has orchestrated. It creates the tasks upon application
request by instantiating all the unknowns in a pattern. A
discovery process is used to resolve node references into
transport addresses. The sampler/statistics module (e.g., the
“sampler module” of FIG. 3) is used to cache temporal infor-
mation. On the very first run the temporal information can be
provided by the application or come from a modeling tool.
Alternatively the planner will use a guess, an overly large
estimate that later is adapted and shrunk to reality based on
observations provided via sampling. As described above,
when the initial uncertainty is expected to cause problems, the
application service can implement a “dry-run,” where all the
work is done without actually affecting anything.

The planner periodically scans the task list to make sure
that sampling messages have been received correctly—oth-
erwise the RTST is alerted that the service is misbhehaving.
The planner also periodically checks whether any tasks’ plans
need to be adjusted or reservations renewed in view of the
information provided via sampling.

Finally, the planner negotiates with worker nodes to
reserve the resources needed by a plan. If any necessary
resources are not available, the application is notified so it can
take evasive action.

The foregoing description of the RTST has been presented
for the purposes of illustration and description. Although the
subject matter has been described in language specific to
structural features and/or methodological acts, it is to be
understood that the subject matter defined in the appended
claims is not necessarily limited to the specific features or acts
described above. Rather, the specific features and acts
described above are disclosed as example forms of imple-
menting the claims. Clearly, many modifications and varia-
tions are possible in light of the above teaching. Finally, it
should be noted that any or all of the aforementioned embodi-
ments may be used in any combination desired to form addi-
tional hybrid embodiments of the RTST described herein.

What is claimed is:

1. A system including a plurality of computing devices
connected via an ad-hoc network environment for dynamic
real-time scheduling of tasks to be performed by one or more
of the plurality of computing devices, comprising using the
plurality of computing devices to perform steps for:

for each of the plurality of computing devices connected

via an ad-hoc network environment, evaluating behavior
patterns defined for each computing device associated
with any task requested to be performed by those devices
to predict nominal resource requirements for any corre-
sponding task;

wherein the behavior patterns for each device include one

or more of a sequence of actions for allowing each
device to perform one or more particular tasks, expected
message types for controlling device actions, expected
resources to be used by each device to execute any
particular tasks, and an amount of acceptable temporal
tolerance in task start times;

statistically modeling the predicted resource requirements

for any of the devices associated with any requested task
as a function of the behavior patterns and samples of
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actual current resource usage on an ongoing basis prior
to and during task execution;

evaluating potential resource usage conflict information

between the requested tasks;

eliminating potential overlaps in resource usage between

tasks by automatically adjusting task execution times
relative to the acceptable temporal tolerance in task start
times; and

dynamically scheduling the requested tasks and reserving

resources for those requested tasks on an ongoing basis
prior to and during task execution as a function of the
statistically modeled current resource usage, the
resource usage conflict information, and the defined
behavior patterns for each of the devices associated with
any task.

2. The system of claim 1 wherein behavior patterns are
automatically defined for one or more of the devices con-
nected via the ad-hoc network environment, and wherein
defining those behavior patterns comprises steps for auto-
matically performing task dry-runs prior to an actual task
execution time to determine nominal resource usage for each
device associated with each particular task.

3. The system of claim 1 wherein statistically modeling
predicted resource requirements for any device associated
with any requested task comprises steps for:

computing a probabilistic distribution of resource usage

from status reports provided by one or more devices
associated with each task; and

determining an estimated amount of resources required to

achieve a desired confidence in completing requested
tasks as a function of the computed probability distribu-
tion.

4. The system of claim 1 wherein evaluating potential
resource usage conflicts between all of the requested tasks
comprises steps for:

determining whether a requested task conflicts with an

already scheduled task, including any ongoing repetitive
actions and any one-time tasks; and

determining whether all of the devices associated with any

requested task are capable of performing the requested
task prior to a task completion deadline.
5. The system of claim 1 wherein dynamically scheduling
the requested tasks further comprises steps for:
instantiating the behavior pattern associated with each cor-
responding device into corresponding action plans;

negotiating the action plans with the corresponding
devices to identify temporal constraints on task execu-
tion; and

ordering the execution of each action plan in accordance

with the temporal constraints of each action plan.

6. The system of claim 1 wherein statistically modeling
predicted resource requirements further comprises steps for
applying a negative feedback loop into statistical modeling
computations by including prior median and variance values
in the computation of predicted resource requirements for
maintaining stability of the statistical computations.

7. A method for dynamically scheduling execution of
requested tasks to be performed by a plurality of computing
devices variously interconnected in a network environment,
comprising:

for each of a plurality of computing devices connected via

an ad-hoc network environment, defining nominal
behavior patterns for each of a plurality of computing
devices relative to one or more particular tasks;
wherein the behavior patterns for each device include one
or more of a sequence of actions for allowing each
device to perform one or more particular tasks, expected
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message types for controlling device actions, expected
resources to be used by each device to execute any
particular tasks, and an amount of acceptable temporal
tolerance in task start times;

probabilistically modeling expected resource usage on an

ongoing basis prior to and during task execution for any
device associated with any particular task by evaluating
samples of actual resource usage in combination with
the nominal behavior patterns defined for each of the
corresponding computing devices;

evaluating potential resource usage conflicts between each

of a plurality of requested tasks;

eliminating potential overlaps in resource usage between

tasks by automatically adjusting task execution times
relative to the acceptable temporal tolerance in task start
times; and
dynamically scheduling the requested tasks and allocation
of resources for each of those tasks on an ongoing basis
prior to and during task execution as a function of the
probabilistically modeled resource usage, the evaluation
of potential resource usage conflicts and the defined
nominal behaviors for each corresponding computing
device.
8. The method of claim 7 wherein defining the behavior
patterns comprises automatically performing task dry-runs
prior to an actual task execution time to determine nominal
resource usage for each device associated with each particular
task.
9. The method of claim 7 wherein probabilistically mod-
eling expected resource usage for each device comprises
determining an estimated amount of resources required to
achieve a desired confidence level in successful completion of
a requested task.
10. The method of claim 7 wherein evaluating potential
resource usage conflicts comprises determining whether all
devices associated with any requested task are capable of
performing the requested task given currently available
resources prior to a task completion deadline without inter-
fering with another already scheduled task.
11. The method of claim 10 wherein dynamically sched-
uling the requested tasks and allocation of resources further
comprises, for non-conflicting tasks:
instantiating the nominal behavior pattern defined for each
corresponding device into a corresponding action plan;

negotiating the action plans with the corresponding
devices to identify temporal constraints on task execu-
tion times; and

ordering the execution of each action plan in accordance

with the temporal constraints of each action plan.

12. A computer storage having computer-executable
instructions stored thereon for dynamic real-time scheduling
of tasks performed by any one or more of a plurality of
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computing devices in an ad-hoc network environment, said
computer executable instructions comprising:
for each of a plurality of computing devices connected via
an ad-hoc network environment, defining a task-specific
behavior pattern for each computing device, said behav-
ior pattern describing specific actions that will be per-
formed by each device for execution of the correspond-
ing task;
wherein the behavior patterns for each device include one
or more of a sequence of actions for allowing each
device to perform one or more particular tasks, expected
message types for controlling device actions, expected
resources to be used by each device to execute any
particular tasks, and an amount of acceptable temporal
tolerance in task start times;
statistically modeling predicted resource usage require-
ments for each device for each corresponding task as a
function of the corresponding behavior patterns on an
ongoing basis prior to and during task execution;

evaluating potential resource usage conflicts between each
requested task as a function of desired task completion
times for each requested task;

eliminating potential conflicts in resource usage between

tasks by automatically adjusting task execution times
relative to the acceptable temporal tolerance in task start
times; and

dynamically scheduling the requested tasks and reserving

resources for those requested tasks on an ongoing basis
prior to and during task execution as a function of the
statistically modeled predicted resource usage, the
evaluation of potential resource usage conflicts, and the
defined behavior patterns for each device associated
with any task.

13. The computer storage of claim 12 wherein statistically
modeling predicted resource usage requirements for each
device further comprises evaluating samples of actual
resource usage by each device for each corresponding task.

14. The computer storage of claim 12 wherein statistically
modeling predicted resource usage requirements for each
device for each corresponding task further comprises per-
forming task dry-runs as a function of the behavior patterns of
the corresponding devices prior to an actual task execution
time to determine nominal resource usage for each device
associated with each particular task.

15. The computer storage of claim 14 wherein statistically
modeling predicted resource requirements for each device
further comprises computing a probabilistic distribution of
resource usage from one or more status reports provided by
one or more of the devices associated with each task for
determining an estimated amount of resources required to
achieve a desired confidence in successful task execution.
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