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PERFECT HASHING OF VARIABLY-SIZED
DATA

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application is a Continuation-in-Part (CIP) of U.S.
patent application Ser. No. 11/405,953, filed on Apr. 17, 2006,
and entitled “PERFECT MULTIDIMENSIONAL SPATIAL
HASHING.”

BACKGROUND

1. Technical Field

The invention is related to perfect hashing for packing
sparsely defined or sparsely distributed data into memory, and
in particular, to perfect hashing of variable-rate data of one or
more dimensions in an efficient randomly accessible format.

2. Related Art

In general, hashing is a well known technique for mapping
data elements into a hash table by using a hash function to
process the data for determining an address in the hash table.
To cope with collisions (i.e., two or more data elements map-
ping to the same address in the hash table), hashing algo-
rithms typically perform a sequence of probes into the hash
table, where the number of probes varies per query. These
probes provide collision detection by determining whether
data has already been stored at a particular address in the hash
table. Unfortunately, in time critical applications, such as
image rendering in a graphics processing unit (GPU), this
type of probing strategy is inefficient because GPU SIMD
parallelism makes all pixels wait for the worst-case number of
probes. Some GPUs can address this issue using dynamic
branching; however, this is only effective if all pixels in a
region follow the same branching path, which is unlikely for
hash tests.

Avoiding excessive hash collisions and clustering gener-
ally requires a hash function that distributes data seemingly at
random throughout the table. Consequently, hash tables often
exhibit poor locality of reference, resulting in frequent cache
misses and high-latency memory accesses. Perfect hashing
addresses some of these problems by using a hash function
that maps elements into a hash table without any collisions,
such that all the elements map to distinct slots of the hash
table.

In theory, perfect hash functions are rare in the space of all
possible functions. In fact, the description of a minimal per-
fect hash function (wherein all slots in the hash table are
filled) theoretically requires a number of bits proportional to
the number of data entries. Consequently, it is not generally
feasible to construct a perfect hash using an expression with
a small number of machine-precision parameters. Instead,
additional data is generally stored in auxiliary lookup tables
for use in combination with the hash table.

Typical perfect hashing schemes have generally focused on
external storage of data records indexed by character strings
or sparse integers. Consequently, conventional perfect hash-
ing schemes are generally not well adapted for use with
spatially coherent multidimensional data. For example, in
typical computer graphics applications, 2D and 3D texture
data is often accessed coherently by the GPU (i.e., adjacent or
nearby image patches or segments are accessed either
sequentially or in parallel by the GPU). This texture data is
then swizzled, tiled, cached, etc. by the GPU. Unfortunately,
typical hash functions do not generally exploit the spatial
coherence issues of such data when accessing that data.
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Further, many images, such as, for example, vector images
or graphics, involve sparsely defined spatial data. In particu-
lar, with these types of images, image discontinuities such as
sharp vector silhouettes are generally present at only a small
fraction of pixels. Texture sprites often overlay high-resolu-
tion features at sparse locations. Image attributes such as
alpha masks are mainly binary, requiring additional resolu-
tion at only a small subset of pixels. In addition, surface
textures or geometries can be also represented as sparse 3D
data. Further, such data can be encoded using variable rates,
such as where various cells of a grid-based vector image have
a differing amount of complexity. However, compressing this
type of variable-rate sparse data while retaining efficient ran-
dom-access is a problem that has not been addressed by
conventional perfect hashing schemes.

Spatial hashing is another conventional hashing technique
that is commonly used for point and region queries in multi-
dimensional databases. Spatial hashing is also used in graph-
ics for efficient collision detection among moving or deform-
ing objects. However, these techniques generally employ
imperfect hashing (e.g., traditional multi-probe hash tables
implemented on the CPU). Further, these techniques do not
transition to multidimensional tables. Also, they strive to
make intermediate hashes as random as possible. Conse-
quently, conventional spatial hashes are not well adapted for
use with sparsely defined spatial data such as vector graphics.

SUMMARY

This Summary is provided to introduce a selection of con-
cepts in a simplified form that are further described below in
the Detailed Description. This Summary is not intended to
identify key features or essential features of the claimed sub-
jectmatter, nor is it intended to be used as an aid in determin-
ing the scope of the claimed subject matter.

A “Variable-Rate Perfect Hasher,” as described herein,
extends the concepts of perfect spatial hashing described in
the aforementioned co-pending U.S. patent application Ser.
No. 11/405,953 to address the issue of handling variable-
sized data elements of one or more dimensions. Conse-
quently, the Variable-Rate Perfect Hasher extends perfect
hashing to consider sparsely distributed data records where
each sparse data record can have a different size. In other
words, the data associated with the sparse data points is
variable-sized. This concept is referred to herein as hashing of
“variable-rate” or “variable-size” data. Note that in the parent
application (U.S. patent application Ser. No. 11/405,953),
perfect hashing was directed primarily towards hashing of
spatially coherent fixed-rate data. However, the Variable-Rate
Perfect Hasher described herein is specifically adapted for
use with variably sized data elements which may or may not
have some amount of spatial coherence or may be distributed
randomly in space.

In general, the Variable-Rate Perfect Hasher provides a
process for densely packing sparse variable-rate data into a
perfect hash table. More specifically, the Variable-Rate Per-
fect Hasher generally operates by creating a hash table in
combination with an offset table of one or more dimensions.
A perfect hash is created by mapping sparse variable-rate data
of'one or more dimensions into the hash table using the offset
table. Values of entries in the offset table are carefully chosen
or optimized such that no hash collisions will occur in the
resulting perfect hash table. Note that while the Variable-Rate
Perfect Hasher can hash data whether or not that data is
sparse, the size of the offset table directly corresponds to the
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sparsity of the data being hashed. In particular, as the number
of'data elements increases, the size of the resulting offset table
will also increase.

This packing technique is ideally suited for hashing many
types of sparse data since it eliminates the need to perform
collision checks by ensuring a perfect hash. For example, in
one embodiment, a variable-rate perfect hash is a useful data
structure for providing random-access to variable-sized data
elements associated with some spatial domain. One simple
example of variable-rate data is a sparsely populated grid-
based array of data where each populated “cell” of the grid
has varying amounts of information. One such application for
a2-Dcaseisto store information about vector graphics within
the cells of an image (wherein a grid is used to divide the
vector image into a set of grid-based cells). In a 1-D case, a
simple example would be to store a variable-length record
with a sparse set of integers in a corresponding perfect hash
using an offset table.

Another application is to store image residual information
after image compression. For example, as is well known to
those skilled in the art, image compression is generally lossy,
such that some information gets lost every time an image is
encoded. This loss of detail is generally higher in regions of
the image that contain greater levels of detail. Consequently,
in one embodiment, rather than losing such data, the Variable-
Rate Perfect Hasher encodes these areas of high detail in a
sparse residual layer, which is then stored using a variable-
rate perfect hash, as described herein.

Clearly, given these capabilities, the Variable-Rate Perfect
Hasher is useful for alarge number of applications, including,
for example, computer graphics applications involving sparse
data, such as sharp image silhouettes, texture sprites, alpha
channel compression, 3D-parameterized textures, 3D paint-
ing, simulation, collision detection, preserving residual data
following image compression, etc. However, it should also be
clear that the Variable-Rate Perfect Hasher is not intended to
be limited to the hashing of image data, and that any type of
variable-rate data of any dimensionality can be hashed using
the techniques described herein.

In view of the above summary, it is clear that the Variable-
Rate Perfect Hasher described herein provides a unique sys-
tem and method for mapping variable-rate data into a hash
table using a perfect hash function, and that the resulting hash
tables support efficient random access of the variable-sized
data elements stored therein. In addition to the just described
benefits, other advantages of the Variable-Rate Perfect
Hasher will become apparent from the detailed description
that follows hereinafter when taken in conjunction with the
accompanying drawing figures.

DESCRIPTION OF THE DRAWINGS

The specific features, aspects, and advantages of the
present invention will become better understood with regard
to the following description, appended claims, and accompa-
nying drawings where:

FIG. 1 is a general system diagram depicting a general-
purpose computing device constituting an exemplary system
for use in implementing a “Variable-Rate Perfect Hasher,” as
described herein.

FIG. 2 is a general system diagram depicting a general
device having simplified computing and /O capabilities for
use in implementing a “Variable-Rate Perfect Hasher,” as
described herein.

FIG. 3 provides an exemplary architectural flow diagram
that illustrates program modules for implementing the Vari-
able-Rate Perfect Hasher, as described herein.
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FIG. 4 provides an example of an exemplary hash function
for providing a fixed-rate perfect spatial hash.

FIG. 5 provides an example of an exemplary hash function
for providing a fixed-rate perfect spatial hash.

FIG. 6 illustrates an exemplary vector image comprised of
grid-based cells representing sparse variable-rate data being
perfectly hashed to a hash table via an offset table computed
from the cell data, as described herein.

FIG. 7 provides an exemplary operational flow diagram for
providing efficient random access to a hash table constructed
from sparse variable-rate data by the Variable-Rate Perfect
Hasher, as described herein.

DETAILED DESCRIPTION OF THE PREFERRED
EMBODIMENTS

In the following description of the preferred embodiments
of the present invention, reference is made to the accompa-
nying drawings, which form a part hereof, and in which is
shown by way of illustration specific embodiments in which
the invention may be practiced. It is understood that other
embodiments may be utilized and structural changes may be
made without departing from the scope of the present inven-
tion.

1.0 Exemplary Operating Environments:

FIG. 1 and FIG. 2 illustrate two examples of suitable com-
puting environments on which various embodiments and ele-
ments of a “Variable-Rate Perfect Hasher,” as described
herein, may be implemented.

For example, FIG. 1 illustrates an example of a suitable
computing system environment 100 on which the invention
may be implemented. The computing system environment
100 is only one example of a suitable computing environment
and is not intended to suggest any limitation as to the scope of
use or functionality of the invention. Neither should the com-
puting environment 100 be interpreted as having any depen-
dency or requirement relating to any one or combination of
components illustrated in the exemplary operating environ-
ment 100.

The invention is operational with numerous other general
purpose or special purpose computing system environments
or configurations. Examples of well known computing sys-
tems, environments, and/or configurations that may be suit-
able for use with the invention include, but are not limited to,
personal computers, server computers, hand-held, laptop or
mobile computer or communications devices such as cell
phones and PDA’s, multiprocessor systems, microprocessor-
based systems, set top boxes, programmable consumer elec-
tronics, network PCs, minicomputers, mainframe computers,
distributed computing environments that include any of the
above systems or devices, and the like.

The invention may be described in the general context of
computer-executable instructions, such as program modules,
being executed by a computer in combination with various
hardware modules. Generally, program modules include rou-
tines, programs, objects, components, data structures, etc.,
that perform particular tasks or implement particular abstract
data types. The invention may also be practiced in distributed
computing environments where tasks are performed by
remote processing devices that are linked through a commu-
nications network. In a distributed computing environment,
program modules may be located in both local and remote
computer storage media including memory storage devices.
With reference to FIG. 1, an exemplary system for imple-
menting the invention includes a general-purpose computing
device in the form of a computer 110.
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Components of computer 110 may include, but are not
limited to, a processing unit 120, a system memory 130, and
a system bus 121 that couples various system components
including the system memory to the processing unit 120. The
system bus 121 may be any of several types of bus structures
including a memory bus or memory controller, a peripheral
bus, and a local bus using any of a variety of bus architectures.
By way of example, and not limitation, such architectures
include Industry Standard Architecture (ISA) bus, Micro
Channel Architecture (MCA) bus, Enhanced ISA (EISA) bus,
Video Electronics Standards Association (VESA) local bus,
and Peripheral Component Interconnect (PCI) bus also
known as Mezzanine bus.

Computer 110 typically includes a variety of computer
readable media. Computer readable media can be any avail-
able media that can be accessed by computer 110 and includes
both volatile and nonvolatile media, removable and non-re-
movable media. By way of example, and not limitation, com-
puter readable media may comprise computer storage media
and communication media. Computer storage media includes
volatile and nonvolatile removable and non-removable media
implemented in any method or technology for storage of
information such as computer readable instructions, data
structures, program modules, or other data.

Computer storage media includes, but is not limited to,
RAM, ROM, PROM, EPROM, EEPROM, flash memory, or
other memory technology; CD-ROM, digital versatile disks
(DVD), or other optical disk storage; magnetic cassettes,
magnetic tape, magnetic disk storage, or other magnetic stor-
age devices; or any other medium which can be used to store
the desired information and which can be accessed by com-
puter 110. Communication media typically embodies com-
puter readable instructions, data structures, program modules
or other data in a modulated data signal such as a carrier wave
or other transport mechanism and includes any information
delivery media. The term “modulated data signal” means a
signal that has one or more of'its characteristics set or changed
in such a manner as to encode information in the signal. By
way of example, and not limitation, communication media
includes wired media such as a wired network or direct-wired
connection, and wireless media such as acoustic, RF, infrared,
and other wireless media. Combinations of any of the above
should also be included within the scope of computer read-
able media.

The system memory 130 includes computer storage media
in the form of volatile and/or nonvolatile memory such as read
only memory (ROM) 131 and random access memory
(RAM) 132. A basic input/output system 133 (BIOS), con-
taining the basic routines that help to transfer information
between elements within computer 110, such as during start-
up, is typically stored in ROM 131. RAM 132 typically con-
tains data and/or program modules that are immediately
accessible to and/or presently being operated on by process-
ing unit 120. By way of example, and not limitation, FIG. 1
illustrates operating system 134, application programs 135,
other program modules 136, and program data 137.

The computer 110 may also include other removable/non-
removable, volatile/nonvolatile computer storage media. By
way of example only, FIG. 1 illustrates a hard disk drive 141
that reads from or writes to non-removable, nonvolatile mag-
netic media, a magnetic disk drive 151 that reads from or
writes to a removable, nonvolatile magnetic disk 152, and an
optical disk drive 155 that reads from or writes to a remov-
able, nonvolatile optical disk 156 such as a CD ROM or other
optical media. Other removable/non-removable, volatile/
nonvolatile computer storage media that can be used in the
exemplary operating environment include, but are not limited
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to, magnetic tape cassettes, flash memory cards, digital ver-
satile disks, digital video tape, solid state RAM, solid state
ROM, and the like. The hard disk drive 141 is typically
connected to the system bus 121 through a non-removable
memory interface such as interface 140, and magnetic disk
drive 151 and optical disk drive 155 are typically connected to
the system bus 121 by a removable memory interface, such as
interface 150.

The drives and their associated computer storage media
discussed above and illustrated in FIG. 1, provide storage of
computer readable instructions, data structures, program
modules and other data for the computer 110. In FIG. 1, for
example, hard disk drive 141 is illustrated as storing operating
system 144, application programs 145, other program mod-
ules 146, and program data 147. Note that these components
can either be the same as or different from operating system
134, application programs 135, other program modules 136,
and program data 137. Operating system 144, application
programs 145, other program modules 146, and program data
147 are given different numbers here to illustrate that, at a
minimum, they are different copies. A user may enter com-
mands and information into the computer 110 through input
devices such as a keyboard 162 and pointing device 161,
commonly referred to as a mouse, trackball, or touch pad.

Other input devices (not shown) may include a joystick,
game pad, satellite dish, scanner, radio receiver, and a televi-
sion or broadcast video receiver, or the like. These and other
input devices are often connected to the processing unit 120
through a wired or wireless user input interface 160 that is
coupled to the system bus 121, but may be connected by other
conventional interface and bus structures, such as, for
example, a parallel port, a game port, a universal serial bus
(USB), an IEEE 1394 interface, a Bluetooth™ wireless inter-
face, an IEEE 802.11 wireless interface, etc. Further, the
computer 110 may also include a speech or audio input
device, such as a microphone or a microphone array 198, as
well as a loudspeaker 197 or other sound output device con-
nected via an audio interface 199, again including conven-
tional wired or wireless interfaces, such as, for example,
parallel, serial, USB, IEEE 1394, Bluetooth™, etc.

A monitor 191 or other type of display device is also
connected to the system bus 121 via an interface, such as a
video interface 190. In addition to the monitor, computers
may also include other peripheral output devices such as a
printer 196, which may be connected through an output
peripheral interface 195.

The computer 110 may operate in a networked environ-
ment using logical connections to one or more remote com-
puters, such as a remote computer 180. The remote computer
180 may be a personal computer, a server, a router, a network
PC, a peer device, or other common network node, and typi-
cally includes many or all of the elements described above
relative to the computer 110, although only a memory storage
device 181 has been illustrated in FIG. 1. The logical connec-
tions depicted in FIG. 1 include a local area network (LAN)
171 and a wide area network (WAN) 173, but may also
include other networks. Such networking environments are
commonplace in offices, enterprise-wide computer networks,
intranets, and the Internet.

When used in a LAN networking environment, the com-
puter 110 is connected to the LAN 171 through a network
interface or adapter 170. When used in a WAN networking
environment, the computer 110 typically includes a modem
172 or other means for establishing communications over the
WAN 173, such as the Internet. The modem 172, which may
be internal or external, may be connected to the system bus
121 via the user input interface 160, or other appropriate
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mechanism. In a networked environment, program modules
depicted relative to the computer 110, or portions thereof,
may be stored in the remote memory storage device. By way
of example, and not limitation, FIG. 1 illustrates remote
application programs 185 as residing on memory device 181.
It will be appreciated that the network connections shown are
exemplary and other means of establishing a communications
link between the computers may be used.

With respect to FIG. 2, this figure shows a general system
diagram showing a simplified computing device. Such com-
puting devices can be typically be found in devices having at
least some minimum computational capability in combina-
tion with a communications interface or input device for
receiving variable-rate data, such as, for example, vector
graphic images. Such devices include, for example, cell
phones, PDA’s, media players, handheld, laptop or portable
computers, handheld or portable electronic gaming devices,
etc. It should be noted that any boxes that are represented by
broken or dashed lines in FIG. 2 represent alternate embodi-
ments of the simplified computing device, and that any or all
of these alternate embodiments, as described below, may be
used in combination with other alternate embodiments that
are described throughout this document.

At a minimum, to allow a device to implement the func-
tionality of the Variable-Rate Perfect Hasher, the device must
have some minimum computational capability, some storage
capability, an interface for allowing input and encoding of
variable-rate data. In addition, this simplified computing
device may also include an output device.

In particular, as illustrated by FIG. 2, the computational
capability is generally illustrated by processing unit(s) 210
(roughly analogous to processing units 120 described above
with respect to FIG. 1). Further, the simplified computing
device of FIG. 2 may also include a graphics processing unit
(GPU) 290 for use in accelerating the perfect hashing tech-
niques described herein. Note that in contrast to the process-
ing unit(s) 120 of the general computing device of FIG. 1, the
processing unit(s) 210 illustrated in FIG. 2 may be specialized
(and inexpensive) microprocessors, such as a DSP, a VLIW,
or other micro-controller rather than the general-purpose pro-
cessor unit of a PC-type computer or the like, as described
above.

In addition, the simplified computing device of FIG. 2 may
also include other components, such as, for example one or
more input devices 240 (analogous to the input devices
described with respect to FIG. 1). The simplified computing
device of FIG. 2 may also include other optional components,
such as, for example one or more output devices 250 (analo-
gous to the output devices described with respect to FIG. 1).
The simplified computing device of FIG. 2 also includes
storage 260 that is either removable 270 and/or non-remov-
able 280 (analogous to the storage devices described above
with respect to FIG. 1).

The exemplary operating environment having now been
discussed, the remaining part of this description will be
devoted to a discussion of the program modules and processes
embodying a “Variable-Rate Perfect Hasher” which provides
a process for densely packing sparse variable-rate data into a
perfect hash table using an offset table constructed directly
from the data being hashed.

2.0 Introduction:

Perfect hashing is a concept that is known to those skilled
in the art. For example, a perfect hash usually refers to a hash
function that maps elements into a hash table without any
collisions. Generally, all the elements map to distinct slots of
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the hash table. The probability that randomly assigning n
elements in a table of size m results in a perfect hash is given
by Equation 1, where:

Equation 1

pru(n, m)=(1)-(1—%)-(1—%)...(1—%)

When the table is large (i.e., when m>>n), the probability
of'a perfecthash, p,,,, can be determined by using the approxi-
mation e*=~1+4x for small x, as illustrated by Equation 2,
where:

ppy(n,m) ~ 1-g VM. g=¥m g~ (=Dim Equation 2

— ef(l+2+...+n71)/m

= g nln=1)/2m)

~ e /m

Thus, the presence of a hash collision is highly likely when
the table size m is much less than n”. This is an instance of the
well-known “birthday paradox” (e.g., a group of only random
23 people have more than 50% chance of having at least one
shared birthday).

The probability of finding a minimal perfect hash (e.g.,
where n=m) is given by Equation 3, where:

ny (n=1Y (n=2 1 Equation 3
=) )
n n n n
n!
T
= pllognt—rlogn)

~ e((nlogn—n)—n]ogn)

=e "

which uses Stirling’s approximation: log n!=n log n-n.
Therefore, the expected number of bits needed to describe
these rare minimal perfect hash functions is given intuitively
by Equation 4, where:

Equation 4
=log,e” = (logye)n = (1.443)n

1
log, ———
& pru(n)

Several number-theoretical methods construct perfect hash
functions by exploiting the well known Chinese remainder
theorem. However, even for sets of a few dozen elements,
these functions involve integer coefficients with hundreds of
digits. On the other hand, a more computer-amenable
approach is to define the hash using one or more auxiliary
tables. For example, one conventional approach uses three
such tables and two nested hash functions to hash a sparse set
of nintegers taken from Z ={0, .. .u-1}. Such a scheme takes
constant time and 3n log n bits of memory. The hash is
constructed with a deterministic algorithm that takes O(nu)
time. Another approach reduces space complexity to the theo-
retically optimal ©(n) bits; however, the constant here is large
and the algorithm is quite complex.

Other conventional schemes treat perfect hashing as an
instance of sparse matrix compression. Such schemes map a
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bounded range of integers to a 2D matrix and compact the
defined entries into a 1D array by translating the matrix rows.
However, sparse matrix compression is known to be a NP-
complete complete problem.

Other, more practical, schemes achieve compact represen-
tations and scale to larger datasets by giving up guarantees of
success. These probabilistic constructions generally iterate
over several random parameters until finding a solution. For
example, one such scheme defines a hash as illustrated by
Equation 5, where:

h(ky=ho(k)+gy [, (k)]+85[ ( (k) Jmod(m)

where functions h,, h,, and h, map string keyskto Z _, Z , and
7., respectively, and where g, and g, are two tables of size r.
However, this algorithm takes expected time O(r*), and is
generally considered to be practical only up to n=512 ele-
ments.

Another conventional approach to perfect hashing involves
adapting the hashing scheme described with respect to Equa-
tion 5 to create provide a hashing scheme that provides gen-
erally acceptable average-case performance (~11n bits) on
large datasets. The insight provided to enable this scheme is
assign values of auxiliary tables g, and g, in decreasing order
of number of dependencies. A closely related approach pro-
vides a hashing scheme that uses quadratic hashing and adds
branching based on a table of binary values. This scheme is
generally more efficient in that it achieves ~4n bits for
datasets on the order of size n~10°.

2.0.1 Perfect Hashing:

In general, a perfect hash which considers spatial coher-
ence of fixed-rate data is defined using a hash function and
offset table as illustrated by Equation 6, where:

Equation 5

h(p)=ho(0)+Ph,(p)

where h, and h, are both imperfect hashes that are com-
bined using an offset table ®. Intuitively, the role of the offset
table, @, is to “jitter” the imperfect hash function h, into a
perfect one. Although the offset table uses additional
memory, it is significantly smaller than the data itself (e.g., it
typically has only around 15-25% as many entries as the hash
table itself). Further, with respect to image data, such as
vector graphics, this technique can be implemented within
various types of processors, such as, for example a program-
mable GPU, where this format for defining a perfect hash
allows data access using just one additional texture access
plus approximately 4-6 more shader instructions depending
on the application scenario.

Unlike various conventional perfect hashing techniques
that make intermediate hash functions hy, and h, as random as
possible, the perfect spatial hashing enabled with respect to
Equation 6 instead designs these hash functions to be spa-
tially coherent, resulting in efficient access into the offset
table @, and enabling random access into the resulting hash
table. Furthermore, this perfect hashing optimizes the offset
values in ® to maximize spatial coherence of the hash table
itself. Creating a perfect hash is typically a difficult combi-
natorial problem. However, there are enough degrees of avail-
able freedom to improve overall spatial coherence and
thereby increase runtime hashing performance.

For applications that require continuous local interpolation
of the sparse data, there are various approaches to perfect
hashing. For example, in one embodiment, for processing
sparse image data in a GPU, native filtering is used in dedi-
cated GPU hardware by grouping the data into sample-bor-
dered blocks. In this embodiment, traditional block indirec-
tion tables are replaced with a compact spatial hash over the
sparsely defined blocks. The limiting factor in using blocks is

Equation 6
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that data must be duplicated along block boundaries, thus
discouraging small blocks sizes and leading to memory bloat.

The Variable-Rate Perfect Hasher described herein further
improves the perfect spatial hashing techniques summarized
above by enabling perfect hashing of sparsely defined vari-
able-rate data (i.e., perfect hashing of variable-sized data
elements), with the resulting perfect hash also being appli-
cable to each of the embodiments discussed with respect to
perfect hashing of fixed-rate data.

2.1 System Overview:

As noted above, the Variable-Rate Perfect Hasher
described herein operates to pack variable rate (i.e., non-
uniform) sparse data into a memory structure such as a table
or memory buffer. In general, this data packing is achieved
using a variable-rate perfect hash technique that uses an offset
table constructed from the positions or addresses of the data
being hashed to provide faster hashing (no need for collision
checking). Hash table addresses are computed for hashing
each variable-rate data element based on parameters of each
data element and a corresponding offset vector stored in the
offset table. In addition, the techniques described herein also
provide quicker access to specific spatial regions of the
encoded data since that data can be encoded in contiguous
regions of memory (i.e., the hash table) that are randomly
accessible.

Further, unlike the data typically processed using conven-
tional perfect hash functions, the data elements or records
being hashed by the Variable-Rate Perfect Hasher are vari-
able-sized and therefore stored as variable length strips or
strings in the resulting hash table. In particular, conventional
perfect hashing techniques operate on the assumption that
data elements or records being hashed are represented by the
same number of bits. However, in many real-world applica-
tions, such data elements can have variable-lengths represent-
ing varying levels of complexity or information. Conse-
quently, in contrast to conventional hashing techniques, the
Variable-Rate Perfect Hasher considers this variable length to
develop a unique data structure for packing the data into
memory using a technique referred to herein as “variable-rate
perfect hashing.”

Note that since the data elements being stored in the hash
table are variable-sized and the individual storage elements,
slots, or cells of the hash table are fixed in size, each hashed
data element will occupy one or more contiguous storage
elements in the hash table. For example, for a 2-D hash table
having a plurality of rows of data, a hashed data element
might take the form of a “strip” or “string” covering one or
more contiguous storage elements of the hash table (and
possibly wrapping across one or more rows of storage ele-
ments). This data strip would begin at the computed hash
table address and continue across as many contiguous ele-
ments of the hash table as necessary to encompass the entirety
of the variable-rate data element being hashed. Clearly,
whether data elements are stored as strips or in some other
contiguous arrangement or block of data elements in the hash
table will depend upon the dimensionality of the hash table.
Therefore, for purposes of discussion, hashed data elements
will generally be referred to herein as a “data strip” or “data
string” or simply as encompassing a contiguous block of
storage elements within the hash table.

As described in greater detail in the following paragraphs,
the Variable Rate Perfect Hasher is capable of hashing any
type of sparsely defined variable-rate data. One simple
example of this type of variable-rate data is a sparsely popu-
lated grid-based array of data where each populated “cell” of
the grid has varying amounts of information. In this case, a
“cell” of the grid has a known address or location that is used
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both in constructing the offset table used in hashing the data,
and in providing random access to the corresponding data in
the hash table. However, it should be noted that in view of the
following discussion, the Variable-Rate Perfect Hasher is not
intended to be limited to the hashing of grid-based data cells,
and that any type of variable-rate data can be hashed using the
techniques described herein.

2.2 System Architectural Overview:

The processes summarized above are illustrated by the
general system diagram of FIG. 3. In particular, the system
diagram of FIG. 3 illustrates the interrelationships between
program modules for implementing the Variable-Rate Perfect
Hasher, as described herein. It should be noted that any boxes
and interconnections between boxes that are represented by
broken or dashed lines in FIG. 3 represent alternate embodi-
ments of the Variable-Rate Perfect Hasher described herein,
and that any or all of these alternate embodiments, as
described below, may be used in combination with other
alternate embodiments that are described throughout this
document.

In general, as illustrated by FIG. 3, the Variable-Rate Per-
fect Hasher begins operation by receiving a set of sparse
variable-rate data elements 300. Again, it should be noted that
the data being hashed does not need to be sparse, but that the
size of the offset table will increase as the data elements
become less sparse. For purposes of explanation, these data
elements 300 will be described with respect to a sparsely
populated grid-based array of data where each populated
“cell” of the grid has varying amounts of information. An
example of this type of data includes a vector image where
each cell of the image represents a “domain point” that
includes either no data, or some varying amount of data or
information, depending upon the complexity of the cell.
However, it should be understood that other types of variable-
rate data elements may be used, so long as they have a deter-
minable or known relative address or location. In any case,
each ofthese data elements 300 can be considered as a strip of
data having a length determined by the variable amount of
data in the corresponding cell, where the size of the strip is
equal to the size of data in that cell.

Next, the data elements 300 are provided to an offset table
construction module 310. The offset table construction mod-
ule 310 examines each data element 300 in combination with
the address or location of that data element in the domain of
data elements, and uses that information to determine an
offset vector to be assigned to a corresponding entry in an
offset table 330. As described in greater detail in Section 3,
these offset vectors are assigned to an entry in the offset table
330 such that while two or more data elements may map to the
same offset vector, there are still no collisions in the resulting
hash table 350.

For example, the hash table 350 is necessarily as large as
the number of data elements 300 defined in the domain since
it must contain all of those data elements. However, the offset
table 330 is smaller than the number of data elements since it
is allowable to have two or more of those data elements
mapping to the same offset vector. Thus, assigning an offset
vector in the offset table 330 has the effect of displacing/
translating the hash addresses of one or more data elements in
the resulting hash table 350. As such, the purpose of the offset
vector assignments is to have all data elements 300 map to
unique hash addresses in the hash table 350 even if those data
elements have the same offset vectors in the offset table 330.

To ensure that none of the offset vectors for the data ele-
ments result in hash table 350 collisions, thereby ensuring a
perfect hash, the offset table construction module 310 uses a
perfect spatial hash function that considers all possible offset
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vectors (starting from a random one) for packing the variable
sized data elements or records into memory until finding an
offset vector that does not create any hash collisions. A hash
table construction module 340 then assigns the data strips
corresponding to each data element 300 to an address in the
hash table 350 computed as a joint function of the correspond-
ing offset vector and a hash of that data element.

In particular, the offset table construction module 310 first
determines the sum of the data strip sizes (assuming one or
more data elements 300 mapping to the same offset vector)
for all of the data elements 300 (i.e., the domain points)
mapping to a particular offset table entry. Then, the sum of
data strips sizes is used to determine the order in which offset
vector entries are evaluated for determining hash table
addresses. Specifically, the offset vectors entries are evalu-
ated in order of decreasing sum of data strip sizes for the data
elements 300 associated with each particular offset vector
entry. Then, using this sum-based evaluation order, for each
selected offset vector entry, the offset table construction mod-
ule 310 searches over all possible offset vector value assign-
ments until finding one that results in zero collisions with data
placed so far in the hash table 340.

If no valid offset vector value is found, then an offset table
size module 320 resets offset table construction to the begin-
ning using a larger offset table size, with the processes
described above then being repeated until successful con-
struction of the complete offset table 330 and the correspond-
ing perfect hash table 350. Note that these processes are
guaranteed to terminate if the offset table becomes large
enough, since at some size (depending upon the size of the
data domain) each offset table entry would only reference a
single domain point.

In addition, since the data elements 300 are considered
sparse over the extents of the data domain, some of the data
elements of the domain will not contain any data. Therefore,
in one embodiment, a mask construction module 360 checks
each point in the domain to determine whether the corre-
sponding data element contains any data. A simple mask 370
is then created by the mask construction module to identify
those domain points containing data (or conversely, those
domain points that do not contain data). For example, in one
embodiment, a single bit (i.e., “0” or “1”) is assigned to every
domain point to indicate whether that domain point contains
any data. Then, both when constructing the offset table 330
and populating the hash table 350, the mask 370 is consulted
for each point to ensure that only those domain points having
data are assigned offset vectors in the offset table and hashed
to the hash table. Note that as described in further detail in
section 3.6 with respect to FIG. 7, the main benefit of using a
mask is to improve runtime access times for evaluating or
retrieving data from the hash table 350.

Further, as discussed in further detail below in Section 3.6,
this mask 370 can then be used when randomly accessing data
in the hash table 350. For example, in one embodiment,
whenever data for a particular domain point is requested, the
mask 370 is first checked to determine whether there is actu-
ally any data for the selected domain point. If the mask 370
indicates that a particular domain point does not contain any
data, then no further processing of that domain point needs to
be performed. On the other hand, if the mask indicates that
there is data for the selected domain point, then the hash table
350 will be consulted to retrieve the corresponding data.

3.0 Operation Overview:

The above-described program modules are employed for
implementing the Variable-Rate Perfect Hasher. As summa-
rized above, the Variable-Rate Perfect Hasher operates to
pack or hash variable-rate spatially coherent data into a
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memory structure such as a table or memory buffer in a
randomly accessible format by using an offset table con-
structed from the data being hashed in combination with a
hash function that together provide perfect hashing of the
variable rate data. The following sections provide a detailed
discussion of the operation of the Variable-Rate Perfect
Hasher, and of exemplary methods for implementing the pro-
gram modules described in Section 2 with respect to FIG. 3.

3.1 Operational Details of the Variable-Rate Perfect
Hasher:

The following paragraphs detail specific operational and
alternate embodiments of the Variable-Rate Perfect Hasher
described herein. In particular, the following paragraphs
describe perfect hashing of sparse spatially coherent fixed-
rate data, as detailed in co-pending U.S. patent application
Ser. No. 11/405,953. Then, given this background using
fixed-rate data, a detailed discussion relating to applying
these techniques to hashing of variable rate data is provided.
Specifically, the following paragraphs describe details of a
perfect spatial hash and general terminology used in describ-
ing perfect spatial hashing; hash construction for fixed-rate
data; graphics processor unit (GPU) implementation; perfect
spatial hashing of variable-rate data; and efficient random
access of hashed data.

3.2 Perfect Spatial Hash Overview:

In general, FIG. 4 and FIG. 5 illustrate exemplary hash
functions for providing a fixed-rate perfect spatial hash. In
particular, FIG. 4 illustrates an exemplary hash function 400
having a spatial domain 402 comprising a set of sparse spa-
tially coherent variable rate data elements or cells, a hash
table 404, and an offset table 406. Assuming the spatial
domain U 302 to be a d-dimensional grid with u=u“ positions,
denoted by

zz =[0...(@- D,
u

the sparse data consists of a subset S = U of n grid positions,
where each position peS has associated data record D(p).
Thus, the data density is the fraction=n/u. For datasets of
co-dimension 1, such as curves in 2D or surfaces in 3D, p can
be typically be approximated as p=1/u.

The basic idea with perfect spatial hashing is to replace the
sparsely defined data D(p) by a densely packed hash, H[h(p)],
where:

1. The hash table, H 404, is a d-dimensional array of size

m=m“Zn containing the data records D(p), peS; and

2. The perfect hash function h(p): U—H is an injective map

when restricted to S, mapping each position peS to a
unique slot s=h(p) in the hash table.

As illustrated by FIG. 4, this perfect hash function is
formed as in accordance with Equation 7, where:

h(p)=(ho(p)+®[},(p)mod 7])mod m Equation 7

In this example, the offset table ® 406 is a d-dimensional
array of size r—t“Zon containing d-dimensional vectors,
where the factor o is typically on the order of about 1/(2d). In
addition, the map h,: p—=Myp mod(m) from domain U 302
onto hash table H 302 is a simple linear transform with a dxd
matrix M, modulo the table size. Finally, the map h;:
p—M,p mod(r) from domain U 302 onto the offset table @
406 is similarly defined. Note that in general, M, and M, can
be arbitrary matrices. However, it has been observed that the
above-described perfect hash behaves well even when M, and
M, are set to be identity matrices. While the use of identity
matrices is not a requirement, one advantage of having the
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matrices be identity is that the runtime computations for
evaluating hash table entries (see Section 3.6 and discussion
of FIG. 7) is simplified. Assuming that the hash coefficients
M, and M, are identity matrices, h, and h, correspond to
modulo operations. In one embodiment, all modulo opera-
tions are performed per-coordinate on vectors. Therefore, one
strategy is to let the hash table 404 be as compact as possible
to contain the given data, and then to construct the offset table
406 to be as small as possible while still allowing a perfect
hash function.

3.3 Hash Construction for Fixed-Rate Data:

In constructing a perfect hash for fixed-rate data, it is nec-
essary to find hash table size m and offset table size r, hash
coefficients M, and M, and offset values in offset table ® in
a way that meets the following set of conditions:

1. h(p) is a perfect hash function for domain points p;

2. The offset table, @, and the hash table, H, are as compact

as possible; and

3. All accesses to the offset table, ®[h,(p)], and the hash

table H[h(p)], have good spatial coherence with respect
to the corresponding domain point, p.

3.3.1 Selection of Table Sizes:

As noted above, the hash table can be any dimensionality,
d, that is desired. For example, a 2D hash table, with d=2,
might represent an image grid, or a 3D hash table, with d=3,
might represent a volumetric grid of a 3D model. Further, the
sizes of the axes of the hash table can be arbitrary. However,
for purposes of explanation, the following discussion
assumes that all the axes of the hash table have the same size,
m. Therefore the total number of elements that can be stored
in the hash table is m=m?. In addition, since the hash table
must be at least as large as the number of data elements n,
being hashed, then m=m“zn, where construction of the hash
table inherently results in the smallest value of m given these
constraints. Note that in a tested embodiment where offset
values were quantized to 8-bits precision, not all of the offset
values can be represented where m=m“z=n for values of
m=256. However, in this case, the table size can be increased
slightly to a size such as, for example, m=m“=(1.01)n in
order to ensure that there is enough leeway for a perfect hash.
Note thatin either case, larger sizes of m can be used; however
the use of larger sizes will increase memory requirements.

Next, a size, 1, is selected for the offset table size. Again, the
size of r is selected to be as small as possible while still
permitting a perfect hash. Note that larger sizes of r can be
used; however the use of larger sizes will increase memory
requirements. The size of r can selected in several ways.

For example, in one embodiment, a value of r is selected
based on whether the speed of hash construction is important
for a particular application. In particular, for fast construction
of the offset table, the value of r is initially set to the smallest
integer such that r=r“Zon, with the factor o=1/(2d). Note that
this size corresponds to 4 bits per data entry, and allows a
perfect hash in many cases. However, if the hash construction
fails, the size of r is increased in a geometric progression until
construction succeeds.

Alternately, for the most compact construction, a binary
search over r is performed to determine the smallest size.
Because construction of the offset table is greedy and proba-
bilistic, finding a perfect hash for a given offset table size r
may require several attempts, particularly if r is close to
optimal. In a tested embodiment, the number of binary search
attempts is limited to a relatively small number on the order of
about 5, in order to improve performance of hash table con-
struction. In each case, the search attempts are made using
different random seeds.
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Ithas been observed that hash construction is less effective
if r has a common factor with m, or if (m mod r)e{1, r-1}.
Consequently, in one embodiment, the fast table construction
embodiment automatically skips any offset table sizes for r
that fall into this range. Similarly, with respect to the compact
table construction embodiment, the binary search is adapted
to avoid values of r in this range unless at the lower end of the
range.

3.3.2 Selection of Hash Coefficients:

In one embodiment, the hash coefficient matrices M, and
M,, for hash functions h, and h,, respectively, are filled with
random prime coefficients. However, better hashing perfor-
mance is achieved by making these matrices more regular.

Specifically, allowing the hash coefficient matrices M, and
M, to be identity matrices does not significantly hinder the
construction of a perfect hash. In this case, the functions h,
and h, simply wrap the spatial domain multiple times over the
offset and hash tables, moving over domain points and table
entries in lockstep. As aresult, the offset table access ®[h, (p)]
is perfectly coherent. Although h,(p) is also coherent, the
hash table access H[h(p)] is generally not coherent because it
is jittered by the offsets. However, if adjacent offset values in
@ are the same (e.g., if the offset table is locally constant),
then h itself will also be coherent. See Section 3.3.4 for
additional discussion regarding these coherence issues.

One necessary condition on functions h, and h, is that they
must map the defined data to distinct pairs. In other words,
peS—(hy(p).h,(p)) must be injective. Note that an injective
function is one which associates distinct arguments to distinct
values such that a function f is injective if it maps distinct
values of x in the domain to distinct values of y in the
codomain, such that f(x)=y. Note that, given two points (p,,
p,)eS, with h,(p,)=h,(p,) and h,(p,)=h,(p,), then these
points would always hash to the same slot, i.e., h, (p, )=h,(p,),
regardless of the offset stored in ®[h, (p,)] making a perfect
hash impossible.

Consequently, the condition for injectivity is similar to a
perfect hash of n elements into a table of size |IHIxI®l=mr. A
probability of success, p,,, for a perfect hash, can be com-
puted as illustrated by Equation 8, where:

- -
ae@mr)=g—n2r

D= Equation 8

This probability, p,,, is typically a fairly low probability, e.g.,
only about 12% for o=r/n=0.25. For this reason, conventional
perfect hashing schemes often resort to additional tables and
hash functions to improve the probability of a perfect hash.

However, in contrast to conventional perfect hashing
schemes, the perfect spatial hashing described herein does not
involve selecting h, and h, to be random functions. In fact,
because the functions h, and h, have periodicities m and r
respectively, if these periodicities are co-prime then they
guarantee injectivity when the domain size u=mr, or equiva-
lently (since m~n) when the data density p=n/u=1/r. In prac-
tice, r is typically large enough that this is always true. Con-
sequently, it is not strictly necessary to explicitly test for
injectivity.

3.3.3 Offset Table Creation:

FIG. 5 illustrates the effect on the hash function of chang-
ing one offset value in the offset table. For example, FIG. 5§
illustrates a hash function environment 500 having a spatial
domain 502 comprising a set of sparse spatially coherent
variable rate data elements or cells, a hash table 504, and an
offset table 506. On average, each entry q of the offset table
406 is the data through h, of 0~'=n/r=4 data points, i.., the set
h,7'(q) =S. The assignment of the offset vector ®[q] (also
referred to herein as an “offset value”) determines a uniform
translation of these points within the hash table 504. The
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general idea here is to find a hash assignment that does not
collide with other points already hashed into the table 404.
Those entries ®[q] with the largest sets h, 7*(q) of depen-
dent data points are most difficult to assign to the hash table.
Consequently, these values are processed first. Offset values
are assigned using a “greedy” approach according to this
heuristic order (e.g., computed efficiently using a bucket
sort). In particular, for each entry q, a search for an offset
value ®[q] is made such that the data entries h,~*(q) do not
collide with any data previously assigned in the hash table
404, as illustrated by Equation 9, where undefined (i.e. unas-
signed) values in the hash table are identified as follows:

Vpeh, " (q), Hlho(p)Plq]]=undef

Assuming the use of 8-bits for quantizing offset values, the
space of offset values is Z,,,:0s6°[m/255]. Note that
towards the end of construction, the offset entries considered
are those with exactly one dependent point, such as |h,7!(q)
=1. For these cases, offset values are identified that direct
these sole points to any open hash slots.

Note that in the example of FIG. 5, three data elements,
shown as the three shaded boxes in spatial domain 502, map
to the same location g=p mod r in the offset table 506. There-
fore, the assignment of offset vector ®[q] has the effect of
translating the final hash addresses, h(p)=(p+®[p mod r])mod
m, of those three elements to new locations in the hash table
504. For fixed-rate data, the idea is to assign all offset vectors
in @ such that the final hash addresses h(p)=(p+®[p mod
r])mod m of all defined elements p are unique in the hash table
504. In contrast, with variable-rate data (as discussed in fur-
ther detail in Section 3.5), the additional constraint is that not
only the start address h(p) in the hash table must be unique for
each data element, but the (variable-length) strips for the data
elements cannot overlap each other.

3.3.4 Optimization of Hash Coherence:

As noted above, when M, is defined as an identity matrix,
accesses to the offset table @ are always coherent. The fol-
lowing paragraphs describe how hash construction is opti-
mized to increase coherence of access to H.

First, in the case where hash queries are constrained to the
set of defined entries S<=U, then Ny(p,, p,) is “1” if two
defined points, p,, p, €S, are spatially adjacent in the domain
(ie., |lp;—p,JIFD), or “0” otherwise. In addition, in this case,
Ny(s,, s,) is similarly defined for slots in H. Given these
parameters, N, is maximized as illustrated by Equation 10,
where:

Equation 9

Ny = Ny (hip,), h Equation 10
] Zplypzws(pm)zl 1 (A(p1), A(p2)

= Ne(py,
Zpl,pz\NH(h(pl),h(pz)):l s(p1. P2)

This second expression for N, is then measured during
hash construction. When assigning an offset value ®[q],
rather than simply selecting any valid value, values that maxi-
mize coherence are selected. In particular, the slots of H into
which the points h, ~*(q) map are examined, ant the number of
neighbors in H that are also neighbors in the spatial domain
are counted, as illustrated by Equation 11, where:

g@;}(C(@[q]), ) Z NS(( hilho(p)+] p] Equation 11
C(@[g]) Dlg] +A

perrl @lial=1



US 7,965,297 B2

17

While a brute force approach for testing every possible
value for ®[q] is performed in one embodiment, it is generally
more computationally efficient to limit the number of candi-
dates being tested. Consequently, in one embodiment, pos-
sible values for ®[q] are limited using the following heuris-
tics:

1. First, try setting the offset value, ®[q], to be equal to one
stored in a neighboring entry of the offset table, because
the hash function is coherent if the offset table is locally
constant, as illustrated by Equation 12, where:

@[g/e{@/q]llg-q11<2}

2. For each point peh, 7' (q) associated with q, the domain-

neighboring entries p'eS are examined. If a neighbor p' is

already assigned in the table H, the table is evaluated to

see if any immediately neighboring slot in H is free, and

if so, the offset, ®[q], that would place point p in that free
slot is tested, as illustrated by Equation 13, where:

Equation 12

Plgje{hp T+A-ho(p)peh, ' (q), p'eS, Ns(p, p)=1,
h(p"y=undef, |A|=1, Hfh(p"+Al=undef}

In the case that hash queries span the full domain U, then
local constancy of @ is most important. Therefore, in this
case, preference is given to the candidates found using Equa-
tion 13, as illustrated above.

In addition, in one embodiment, as a post-process, any
undefined offset entries (i.e., for which h,™'(q)=@) are
assigned values coherent with their neighbors using a normal-
ized coherence metric such as I(IH:NH/ZP1 2NsP1:P2)-

3.3.5 Sparsity Encoding:

The hash table generally stores data associated with a
sparse subset of the overall domain. Depending on the appli-
cation, it may be necessary to determine if an arbitrary query
point lies in this defined subset. In other words, since the data
is sparse, some arbitrary data points within the overall domain
may not contain any data. Consequently, as noted above, in
various embodiments, when an arbitrary point within the
domain is selected for random access (either by a user, or
automatically) the Variable-Rate Perfect Hasher first deter-
mines whether that particular point includes any data.

Some data access scenarios, such as 3D-parameterized
surface textures, guarantee that only the defined subset of the
domain (i.e., points having data) will ever be accessed. In this
case, it is not necessary for the Variable-Rate Perfect Hasher
to determine whether a selected point has data before attempt-
ing to retrieve that data from the hash table.

However, for scenarios involving unconstrained access,
where any point in the total domain may be selected, whether
that point includes data or not, a binary image (i.e., the afore-
mentioned “mask,” see FIG. 3, for example) over the domain
is constructed such that each bit of the mask indicates the
presence of data (or blocks of data) in the corresponding
hashed data. One advantage of this embodiment, is that when
using a GPU to process hashed data representing an image, a
dynamic branch can be performed in the shader of the GPU
based on the stored mask bit, to completely bypass the hash
function evaluations and texture reads (®, H) for any unde-
fined pixels.

In the case that the particular GPU being used lacks support
for single-bit textures, the above described mask-based
embodiment can still be enabled by packing each 4x2 block
of domain bits into one pixel of an 8-bit luminance image.
Then, to dereference the bit, a lookup is performed in a
corresponding 4x2x256 texture.

In contrast, if a non-sparse image is already defined over
the domain, a related embodiment operates to hide domain
bits within this image for one or more points of the domain.

Equation 13
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For example, such data can be included as the least-signifi-
cant bit of a color or alpha channel, or in some other location
where it will not change modify other data. This use of a
hidden bit is convenient to indicate the presence of sparse
supplemental data beyond that in the normal image. For
example, as is well known to those skilled in the art, image
compression is generally lossy, such that some information
gets lost every time an image is encoded. This loss of detail is
generally higher in regions of the image that contain greater
levels of detail.

Consequently, in one embodiment, rather than losing such
data, the Variable-Rate Perfect Hasher encodes these areas of
high detail in a sparse residual layer, which is then stored
using a variable-rate perfect hash, as described herein. Then,
when decoding or rendering that image, the bits hidden in the
image indicate whether the stored residual information is to
be used for a particular point in the image. Note that the
reference to a “point” here, and throughout this document,
does not necessarily refer to an individual pixel, and that as
described above, a “point” within the overall domain simply
represents some region or subset of the overall domain.
Therefore, inthe case of an image, a “point” in the domain can
represent one or more pixels, depending upon a level of zoom
and a size of the image and the cells or points in the domain.

When the data is very sparse, storing even a single bit per
domain point may take significant memory. Consequently, in
one embodiment, the Variable-Rate Perfect Hasher includes a
tag in each slot of the hash table to identify the domain
position p of the stored data. Then, given a query point, the
Variable-Rate Perfect Hasher can then simply compare it with
the stored tag.

In particular, encoding a position peU requires a minimum
of'log, ubits. The position tags can be stored in an image with
d channels of 16 bits, thus allowing a domain grid resolution
of u=64K. Such position tags are more concise than a domain
bit image if d-16-m<1-u, or equivalently, if the data density
n/u<1/(16d).

3.4 GPU Implementation:

As noted above, various embodiments of the Variable-Rate
Perfect Hasher can be implemented within a programmable
graphics processing unit (GPU) which is designed for fast
access to array-based data. For example, by using arrays with
integer coordinates (e.g., 0, 1, . .., m-1) and integer values to
define the hash and offset tables, GPUs can be used to accel-
erate construction of hashes and access to hashed data. In
particular, when using a GPU, these arrays can be imple-
mented in the form of 2D or 3D textures with normalized
coordinates

(e.g.,
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Quantizing the offset vectors stored in the offset table, ®, to
8 bits per coordinate provides enough flexibility for hashing
even when the hash table size m exceeds 2°=256. Therefore,
@ is represented as a d-channel 8-bit image for processing by
the GPU. However, to avoid bad clustering during hash con-
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struction, it is important to allow the offsets to span the full
hash table, so the stored integers, Z,..%, are scaled by |
m/255].

This idea is represented by the high-level shading language
(HLSL) pseudo-code for the exemplary hashing function, as
shown in Table 1:

TABLE 1

Pseudo-Code for Hashing in a GPU

static const int d=2;
typedef vector<float,d> point;
#define tex(s,p) (d==2 ? tex2D(s,p) : tex3D(s,p))
sampler SOffset, SHData; // tables ® and H.
matrix<float,d,d> M[2]; // Mg, M, prescaled by 1/m, and U,
respectively.
point ComputeHash(point p) { // evaluates h(p) — [0, 1
point h0 = mul(M[0],p);
point hl = mul(M[1],p);
point offset = tex(SOffset, h1) * oscale; // (* [m/255])
return hO + offset; }
float4 HashedTexture(point pf) : COLOR {
J/ pf is prescaled into range [0, u] of space U
point h = ComputeHash(floor(pf));
return tex(SHData, h); }

// spatial dimensions (2 or 3)

]d

In various embodiments, several additional optimizations
of'the pseudo-code illustrated in Table 1 are implemented. For
example, for 2D domains, the two matrix multiplications (i.e.,
(mul(M[i],p)) are performed in parallel within a float4 tuple.
In addition, in another embodiment, since the matrices M,
and M, are in fact scaled identity matrices, the matrix multi-
plications are reduced to a single multiply instruction.

3.5 Perfect Spatial Hashing of Variable-Rate Data:

The basic ideas and for perfect spatial hashing for fixed-
rate data described above cannot be directly used for variable-
rate data (i.e., data elements having variable sizes). However,
several of the above described processes are modified, as
described in further detail below, to enable the Variable-Rate
Perfect Hasher to handle such data. It should be noted that
extending these capabilities to address variable-rate data also
enables each of the additional fixed-rate embodiments
described above to be performed using variable-rate data.

In general, as with fixed rate data, to enable processing of
variable-rate data, the Variable-Rate Perfect Hasher, the hash
function is again defined using an offset table. In other words,
the location of the hashed data elements within the hash table
are determined by adding the original cell position of the
variable rate-data element to an offset vector retrieved from
the offset table. Similarly, both the first access to the offset
table and the subsequent access into the hash table are per-
formed using modulo addressing (also referred to as “wrap-
around addressing™), as described herein.

In general, construction of the offset table proceeds in a
similar manner to that described in Section 3.3. For example,
for each offset table entry, the Variable-Rate Perfect Hasher
assigns an offset vector, ®[q], such that the hashed data
elements for the domain points that map to that offset table
entry do not collide with hashed data elements for any other
domain point.

For fixed-rate data, a greedy heuristic algorithm, as
described above, operated to assign offset vectors in order of
decreasing number of dependencies. In other words, offset
table entries onto which the most domain points mapped for
the fixed-rate data case were identified and assigned those
offset vectors first. In contrast, this general strategy is
extended to variable-rate data by instead considering the sum
of the data record sizes for the domain points mapping to a
particular offset table entry.
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For example, for each selected offset vector entry, the
Variable-Rate Perfect Hasher searches over all possible offset
vector value assignments until finding one that results in zero
collisions with data placed so far in the hash table. If no valid
offset vector value is found, then the process is aborted, and a
larger offset table size is used in repeating the search for offset
vector value assignments, and so on until no collisions occur.

More specifically, assuming that e(p) denotes a variable
strip size of some variable-rate cell or data element p. Then,
the hash, h(p), is defined using a 2D offset table @, such that
the hash function h(p) is given by Equation 14, where:

h(p)=(p+® [p mod(r))mod(m)
where r and m are the dimensions of the offset table, ®, and
the hash table, h, respectively.

The construction of the offset table ® uses a heuristic
strategy wherein offset vectors ®[q] are assigned in order of
decreasing number of dependent data elements. Then, rather
than counting the number |h, ~!(q)! of dependent data records,
where h,(p)=p mod(r), the Variable-Rate Perfect Hasher
instead counts the total data size X, -1 ,e(p) of the depen-
dent records, with that size then being used in construction of
the offset table. In particular as noted above, two or more data
elements may map to the same offset vector. Therefore, to
ensure that none of the offset vectors for the data elements
result in hash table collisions the sum of the data strip sizes
(assuming one or more data elements map to the same offset
vector) is used to determine the order in which offset vector
entries are evaluated for determining hash table addresses.
Specifically, as noted above, the offset vectors entries are
evaluated in order of decreasing sum of data strip sizes for the
data elements associated with each particular offset vector
entry.

Then, using this sum-based evaluation order, to assign the
offset vectors, ®|[q], for this variable-rate case, the Variable-
Rate Perfect Hasher considers all possible offset vectors
(starting from a random one) until finding one that does not
create any hash collisions. In one embodiment, spatial coher-
ence of the data elements is considered by attempting to place
hashed data strips adjacent to each other by first performing
the traversal until finding an invalid offset vector (i.e., one
resulting in a collision) and then looking for the first (and thus
closest) valid offset vector.

3.5.1 Data Structure for Variable-Rate Data:

It has been observed that data structures do not generally
support efficient random access to variable-sized data
records. However, the data structures created by the Variable-
Rate Perfect Hasher are an exception to this observation. In
particular, as noted above, each domain cell p of the hash table
contains a variable-size data record e(p), wherein the size
e(p)=0, with a value of “0” representing no data for a par-
ticular data record. Consequently, the total data size, E, for all
records stored in the hash table is given by Equation 15,
where:

Equation 14

E=3 le(p)
Note that the size of each data record is encoded in the data
itself, so the data structure need to explicitly store le(p)l.
Alternately, le(p)| can be encoded in the hashed data string so
that data size can be explicitly read from that data. However,
this embodiment will require some small amount of addi-
tional data to be included in the hashed data strings.
Similarly to the fixed-rate examples described above, the
total number of defined cells (i.e., cells that have some data)
is given by Equation 16, where:

Equation 15

n=Z, ol Equation 16
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In other words, the number of defined cells, n, is simply a
count of the total number of cells in the sparse domain that
have some non-zero data.

Therefore, m=E, m=E, and r«n, where, as described
above, r and m are the sizes of the offset table, @, and the hash
table, h, respectively. In other words, the size, r, of the offset
table for use with variable rate data is proportional to the
number of cells, n, in the sparse domain having non-zero data.
Further, the size, m, of the hash table is approximately equal
to, but never less than, the total size, E, of the non-zero data
records.

As noted above, each data record is stored as a strip, e(p),
of'some variable length, within the 2D hash table. The perfect
hash function points to the beginning of the strip. As noted
above, offset vector values, ®[q], are assigned in order of
decreasing number of “dependencies”. However, rather than
counting the number Ih‘l(q)I:Zthl—l(q)l of dependent data
records, it has been observed that, in practice, better results
are achieved by counting the total data size %, -1,,e(p) of
these records.

Then, when considering the assignment of an offset vector,
q, the Variable-Rate Perfect Hasher checks that for each
dependent domain cell, peh,™(q), the resulting strip in the
hash table is currently empty along the entire length of that
strip. Equation 17 illustrates a definition of the strip address
range as a function of strip length in the hash table for a 2D
case, where:

H[h(p)+(g”... H[h(p)+(|8(p())_1|”

As discussed above in Section 3.3, in the fixed-rate data
case, it was observed that hash construction is less effective if
r has a common factor with m, or if (m mod r)e{l,r-1}.
Further, also as discussed above, since the functions h, and h,
have periodicities m and r respectively, if these periodicities
are co-prime then they guarantee injectivity when the domain
size u=nmr, or equivalently (since m~n) when the data density
p=n/uz=1/r.

However, in contrast to the fixed-rate case described above,
a least common multiple condition, i.e., u=lecm(m,r), is no
longer a complete guarantee that h, and h, cannot collide. In
fact, given this condition, it is theoretically possible that
domain cells p, and p, can exist that map onto the same offset
table entry and whose hash table strips at least partially over-
lap, such that: p, mod(ry=p, mod(r) and (p,+i;)mod(
m)=(p,+i, ) mod(m), where 0=i,<le(p, )l and where 0=i,<le
(p,)!. However, since hashed data strips lie along rows, this
theoretically invalid configuration (involving collisions) can
only occur if p, and p, lie in the same domain row. It has been
observed that in practice, this doesn’t seem to be a significant
problem. Therefore, while the Variable-Rate Perfect Hasher
can test for this condition in various embodiments, it is gen-
erally not necessary.

Finally, with respect to sparsity encoding, in one embodi-
ment, the Variable-Rate Perfect Hasher uses a domain bit
array to encode which cells contain no data (as with the
aforementioned mask-based embodiment). Alternatively, in
the image case, cells having no data are simply encoded in the
hash table by entering a data string corresponding to a fully
transparent color into the hash table, with a low-resolution
color image being used to predict constant-color cells.

FIG. 6 illustrates an example of 2-D variable rate data
being perfectly hashed to a hash table via an offset table. In
particular, FIG. 6 illustrates a vector image 600 divided into a

Equation 17
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grid of cells have a differing amount of complexity in each
cell. For each particular cell, i.e., cell 610, an offset table 620
address 630 is determined, as described above, with an offset
vector being computed and stored at that offset table address.
Then, this offset table vector 630 is used in combination with
the address of the cell 610 to determine a corresponding hash
table 640 address 650 for storing the hashed data from the cell
610 of the vector image 600.

3.6 Efficient Random Access of Hashed Data:

Oncethat sparse variable rate data has been entered into the
hash table, as described above, the remaining issues deal with
accessing or reading out that data for particular applications.
As noted above, one of the many advantages of the Variable-
Rate Perfect Hasher is that the data structures created when
hashing sparse variable-rate data enable efficient random
access to particular data cells or blocks of data cells.

FIG. 7 provides an exemplary flow diagram that illustrates
efficient random access ofhashed variable-rate data. It should
be noted that any boxes that are represented by broken or
dashed lines in FIG. 7 represent alternate embodiments of the
simplified computing device, and that any or all of these
alternate embodiments, as described below, may be used in
combination with other alternate embodiments that are
described throughout this document.

In particular, as illustrated by FIG. 7, random access to the
hashed variable-rate data (included in hash table 350) begins
be either manually or automatically selecting 700 a cell or
range of cells of the data domain for which the corresponding
data is to be retrieved from the hash table. Note that this
selection 700 is made by selecting a location or address of
particular cells or data elements, since this location or address
is used in hashing the data as described above.

In one embodiment, the Variable-Rate Perfect Hasher first
checks the mask 370, to determine 710 whether the selected
cell has any data. If the mask 370 indicates that the selected
cell does not have any data, then the process terminates, and
the Variable-Rate Perfect Hasher informs the calling applica-
tion that the selected cell is undefined (i.e., that ithas no data).

On the other hand, assuming that either the mask 370 is not
checked 710, or that this check indicates that the selected cell
has data, then the Variable-Rate Perfect Hasher determines
720 the corresponding offset table 330 address directly from
the address of the selected cell. As described above, this
address is determined using a wraparound (i.e., modulo)
addressing technique.

Given the offset table 330 address for the selected cell, the
Variable-Rate Perfect Hasher then simply retrieves 730 the
corresponding offset vector from the offset table. This offset
vector is then added to the address of the selected cell, again
using a wraparound (i.e., modulo) addressing technique to
recover 740 the corresponding hash table 350 address.

Given the hash table 350 address, the Variable-Rate Perfect
Hasher then simply retrieves 750 the data string correspond-
ing to the selected cell from the hash table. As noted above,
these strings are either self terminating or otherwise include a
length such that the Variable-Rate Perfect Hasher knows
when to stop reading data for the selected cell. This is an
important issue since the data records are variable sized,
resulting in the variable length strings described above.

Finally, the Variable-Rate Perfect Hasher then checks 760
to determine whether there are any more selected cells for
which data is to be retrieved, and if not, the process termi-
nates. On the other hand, if more cells have been selected 700,
then the above described random access processes described
above are simply repeated for each selected cell.

The foregoing description of the Variable-Rate Perfect
Hasher has been presented for the purposes of illustration and
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description. It is not intended to be exhaustive or to limit the
invention to the precise form disclosed. Many modifications
and variations are possible in light of the above teaching.
Further, it should be noted that any or all of the aforemen-
tioned alternate embodiments may be used in any combina-
tion desired to form additional hybrid embodiments of the
Variable-Rate Perfect Hasher. It is intended that the scope of
the invention be limited not by this detailed description, but
rather by the claims appended hereto.

What is claimed is:

1. A process for hashing variable-sized data, comprising:

using a computing device for:

receiving set of variable-sized data elements;

for each data element, computing a corresponding offset

vector address from an address of the data element;

for each offset vector address, computing a corresponding

offset vector for populating an offset table;
for each data element, computing a corresponding hash
table address from a combination of the address of the
data element and the corresponding offset vector; and

hashing each data element to a contiguous block of one or
more storage locations in the hash table beginning with
the corresponding hash table address, wherein the num-
ber of storage locations in each contiguous block is
dependent upon the size of the corresponding variable-
sized data element being hashed.

2. The process of claim 1 wherein each computed offset
vector ensures a perfect hash of the corresponding data ele-
ment by ensuring that there are no collisions between any data
elements being hashed to the hash table.

3. The process of claim 2 wherein computing the corre-
sponding hash table address from a combination of the
address of the data element and the corresponding offset
vector further comprises:

adding a size of all data elements having the same corre-

sponding offset vector address to create a composite sum
for each offset vector address; and

evaluating each offset vector address in order of highest to

lowest composite sum when computing the correspond-
ing hash table address.

4. The process of claim 1 wherein computing the offset
vector for each offset vector address comprises evaluating all
possible offset vectors starting from a random offset vector
until finding an offset vector for the corresponding data ele-
ment that does not create any hash collisions based on a size
of the corresponding data element.

5. The process of claim 1 wherein computing the offset
vector for each offset vector address comprises placing
hashes of spatially coherent data elements as close as possible
to each other in the hash table by evaluating all possible offset
vectors for each data element until identifying an invalid
offset vector that results in a hash table collision, then iden-
tifying the closest offset vector to the invalid offset vector that
does notresultina collision based on a size of the correspond-
ing data element.

6. The process of claim 1 further comprising randomly
accessing one or more the data elements by:

selecting an address of one or more of the data elements;

computing the corresponding offset vector addresses for

the selected data elements;

retrieving the corresponding offset vector for each offset

vector address from the offset table;

computing the corresponding hash table address for each

data element from the retrieved offset vector and the data
element address; and

retrieving the hashed data element from the hash table

using the corresponding hash table address.
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7. The process of claim 1 further comprising computing a
binary mask over a domain representing a spatial extent of the
data elements to indicate whether each data element contains
any information.

8. The process of claim 7 further comprising using the
mask to exclude all data elements not having any information
from being used to compute offset vectors and to exclude
those data elements from hashed to the hash table.

9. The process of claim 1 wherein the sparse, spatially
coherent variable-rate data elements represents a grid-based
representation of an image, and wherein each cell of the grid
has variable-rate image data.

10. The process of claim 9 wherein the hash table is stored
into a memory buffer of a graphics processing unit (GPU),
and wherein the selected regions of the image are rendered by
the GPU by providing GPU-based random access to hashed
data elements within the hash table corresponding to the
selected regions of the image.

11. A tangible computer-readable storage device having
computer executable instructions stored thereon for perfectly
hashing image data into a hash table, said computer execut-
able instructions comprising:

receiving a sparse grid-based image comprised of a plural-

ity of neighboring cells, wherein a subset of the cells
contain variable-rate image data and wherein the
remaining cells do not contain data;

computing a binary mask over the grid-based image to

identify each cell of the subset of cells that contain
variable-rate image data;

in accordance with the binary mask, for each cell that

contains variable-rate image data, determining a cell
address and computing a corresponding offset vector
address, each said offset vector address corresponding to
one or more of the cells;

for each offset vector address, computing a corresponding

offset vector for populating a corresponding entry in an
offset table;

in accordance with the binary mask, for each cell that

contains variable-rate image data, computing a corre-
sponding hash table address from a sum of the cell
address and the corresponding offset vector; and

in accordance with the binary mask, for each cell that

contains variable-rate image data, hashing the contents
of each cell to a contiguous block of one or more storage
locations within the hash table beginning with the cor-
responding hash table address, wherein the number of
storage locations in each contiguous block is dependent
upon the size of the corresponding variable-rate image
data being hashed.

12. The tangible computer-readable storage of claim 11
wherein each computed offset vector ensures a perfecthash of
the variable-rate image data for the one or more correspond-
ing cells by ensuring that there are no collisions between any
data of any of the cells being hashed to the hash table.

13. The tangible computer-readable storage of claim 11
wherein computing the offset vector for each offset vector
address comprises evaluating all possible offset vectors start-
ing from a random offset vector until finding an offset vector
for the one or more corresponding cells that does not create
any hash collisions based on a size of the variable-rate image
data in each corresponding cell.

14. The tangible computer-readable storage of claim 11
wherein computing the offset vector for each offset vector
address comprises placing hashes of variable-rate image data
of'spatially coherent cells as close as possible to each other in
the hash table by evaluating all possible offset vectors for
each cell until identifying an invalid offset vector that results



US 7,965,297 B2

25

in a hash table collision, then identifying the closest offset
vector to the invalid offset vector that does not result in a
collision based on a size of the variable-rate image data in the
corresponding cell.

15. The tangible computer-readable storage of claim 11
further comprising randomly accessing the variable-rate
image data of one or more selected cells:

selecting an address of one or more of the cells;

computing the corresponding offset vector addresses for

the selected cells and retrieving the corresponding offset
vector for each computed offset vector address from the
offset table;

computing the corresponding hash table address for each

selected cell from the retrieved offset vector and the
corresponding cell address; and

retrieving the hashed data variable-rate data for each

selected cell from the hash table using the corresponding
hash table address.

16. The tangible computer-readable storage of claim 15
further comprising instructions for storing the hash table into
a memory buffer of a graphics processing unit (GPU), and
wherein selected regions of the image are rendered by the
GPU by providing GPU-based random access to hashed vari-
able-rate data of the selected cells.

17. A method for performing a perfect hash of data sparsely
populating a domain, comprising: using a computing device
for:

receiving set of variable-rate data elements, each data ele-

ment corresponding to a populated data point within a
sparse data domain;

determining an address for each populated data point and

computing a corresponding offset vector address, each
offset vector address corresponding to one or more of the
populated data points;

computing and storing a corresponding offset vector for

each offset vector address, wherein each computed off-
set vector ensures a perfect hash of the corresponding
variable-rate data element of each of the corresponding
populated data points;
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for each populated data point, computing a corresponding
hash table address from a sum of the data point address
and the corresponding offset; and

hashing the spatially coherent variable-rate data element of

each populated data point to a contiguous block of one or
more storage locations within a hash table beginning
with the corresponding hash table address, wherein the
number of storage locations in each contiguous block is
dependent upon the size of the corresponding variable-
rate data element being hashed.

18. The method of claim 17 wherein computing the offset
vector for each offset vector address comprises evaluating all
possible offset vectors starting from a random offset vector
until finding an offset vector for each of the one or more
corresponding data point that does not create any hash colli-
sions.

19. The method of claim 17 wherein computing the offset
vector for each offset vector address comprises placing
hashes of spatially coherent variable-rate data elements of the
corresponding populated data points as close as possible to
each other in the hash table by evaluating all possible offset
vectors for each data point until identifying an invalid offset
vector that results in a hash table collision, then identifying
the closest offset vector to the invalid offset vector that does
not result in a collision.

20. The method of claim 17 further comprising randomly
accessing the spatially coherent variable-rate data elements
of one or more selected data points by:

determining the address of each selected data point;

computing the corresponding offset vector addresses for

the selected data points and retrieving the stored corre-
sponding offset vector for each computed offset vector
address;

computing the corresponding hash table address for each

selected data point from the retrieved offset vector and
the corresponding data point address; and

retrieving the hashed spatially coherent variable-rate data

elements for each selected data point from the hash table
using the corresponding hash table address.
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